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Entertainment Al in Two-Player Games by Dynamic Strategy
Estimation
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YOSHIMASA TSURUOKA?

Abstract: Game Al for entertainment is required to have equal abilities as a human player. The purpose of
this research is to create a game AI which makes a close game against a given human player without using
the domain knowledge and let the AT behave naturally by approximating the strategy of player dynamically.
In this paper, we show that the AI adjusted by our method plays games longer than random Al in the

simulation puzzle game we designed.
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Algorithm 1 Decide Al

Require: P € R W g Rid*id ¢ Rid
Ensure: Al = max{r;}
while GamePlay do
wait(T)
data < GetData()
P = EstimatePlayer(data, AI)
for i =0 toid — 1 do
for j =0toid—1do
Wi;.; < EstimateWinRate(data, i, j)
end for
end for
r+« PTxW
Al + arg min{]0.5 — r;|}

end while
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