BRI F R IGE

Vol.59 No.10 1866—1879 (Oct. 2018)

UL R RGN T EY — v vy vy
PR 2 BY 9 % 5%

WA —gELa) ik T2 AR B H b i
ZffH 2017F12H25H, #%$%H 2018F7H810H
BE : CGM (Consumer Generated Media) OEKIZE LR, £ V7 —%y b FIBRKETI VT —

FHEMINTVE, Zo7F—F&2FERL, thashm, SFsmicnz, KEEEER EOLTEEHLH
SERFATLY =2y ey U IANEHENT WS, V=Y x by v U ST AR, <A
07u s THEDF — 7 — FORBIERL IR T L CHEEZRMT 2 TFENH L. LrL, Ih
%@%&fi F—7— FEHANIRET 2 LED D 5 OB oS HEECH L 2 &0, F—7—
FEENIRNTE DINA T AN SHHNAG O A LNDL Z & EOBRENEET S, 22T, KifET
i,l~ﬁ®aﬁﬁ@%mwf FEHHZ ﬁwéﬁ%%mﬁﬁé%t&v~vvwkyvyﬁiﬁ%%%
T5., RFEETHE, MFRERL22TEH2 R TI—FHLIFET S 2L T, ZORETEHL A5 2OK
ERMRELRPEAELTVE] LIy lifizeskeEl, 21— ﬁﬁ%wfw%mwf ﬁ%%%ﬁf%%&%
a9 5.
*—J—RK:<vAfra7as,

VoY xvkry s, HaHg, BESTH

Research for Social Sensing Technology to
Different Phenomena during Normal Times

KAzUMA SAKAMOTOY® KENJI NAKAMURA? YUHEI YAMAMOTO? SHIGENORI TANAKA*

Received: December 25, 2017, Accepted: July 10, 2018

Abstract: The spread of CGM (Consumer Generated Media) has made huge amount of digital data to be
accumulated on the Internet. Using this big data, a social sensing to measure various phenomena that are a
social tendency, an economic trend, and a huge disaster has been focused on. In the existing research related
to the social sensing there are lots of methods that detect various phenomena to analyze the appearance of
specific keywords or the context of a passage with microblogs. But, it is difficult for these methods compre-
hensively to analyze the context because it is necessary in advance to decide on the specific keywords. In
addition, we have the subject to discover the appropriate keywords. Then using actual behaviors of people,
we propose a method to detect various phenomena in the real world. Therefore, we make an assumption that
the large social events would be happened by irregular actions of people if people occur the different events
during normal times are specialized. Using actual behaviors and attributes of people, we verify a method to
detect various phenomena in the real world.
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Fig. 1 Flowchart of process.
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Fig. 2 Plans of experimentation.
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Fig. 3 Relationship of h and a.
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*® 2 SHORFATHK
Table 2 Number of irregular actions in each month.
1A 2 A 34 4 A 5H 6 A 7H 8 H 9 A 10 A 11 A 12 A R3] R 7
ER - kR 73 74 62 67 66 86 79 73 69 70 75 85 733 6.98
1B 81 84 79 69 86 66 78 81 78 76 86 70 77.8 6.30
Hih 66 81 74 59 73 70 75 73 54 65 74 59 68.6 7.70
e 71 67 75 77 68 71 74 68 67 68 69 62 69.8 3.94
¥y 73 77 73 68 73 73 77 74 67 70 76 69 72.5 3.23
PR 540 | 658 | 634 | 640 | 779 | 7.60 | 2.06 | 4.66 | 8.57 4.02 6.20 10.07
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Fig. 4 Lifestyle analysis results on top and bottom.
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Table 3 Results of extracting tweet related to social events.
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Fig. 5 Processing procedure of topic classification.
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Table 6 Results of extracting topics related to social events.
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Table 7 Results of extracting topics related to social events.
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