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Asynchronous Route Determining Interaction of Avatar Drone by
Body Operation

RIKU ARAKAWA' YUJI UEMAT
ATSUSHI HIYAMAY MASAHIKO INAMI'

In contrast to situations such as controlling drones in racing where the interaction requires immediate readiness, scalability and
cooperativeness can be achieved if human intention such as a flying path given to drones beforehand. In order to transmit human
intention of flying path to a drone as an avatar asynchronously, a novel interaction system is proposed in this study where the drone

decides the path to the goal based on human arm gestures measured by a smart watch.
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