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Clustering News Articles using Named Entities

HIROYUKI TODA,+tt RyoJ1 KATAOKAT and HIROYUKI KITAGAWA tt.ttt

Due to the growth of the Internet, the amount of information accessible to the public has
almost exploded. Especially, news articles are intensively used for latest news watching, re-
trieving interesting information from news archives and so on. In news archive services, there
is a demand to group news articles describing the same event. To address this problem, we use
Named Entities in news articles to tell which events the articles describe. In this paper, we
present the results of experiments to measure the appearance tendency of named entities in
news articles and accuracy of clustering taking named entities into consideration, and discuss
validity of the proposed approach.
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Table 1 A two-by-two contingency table
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