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£ 1 TNTIOYEBRE TV T) XLAOKEE (mAP:mean Average
Prevision), X U'FE/THE (FPS:Frame Per Second), A

JIE T A X &R
Method mAP | FPS | Input Resolution
Faster R-CNN(VGG16) 73.2 7 1000 x 600
Tiny YOLO(v.1) 52.7 155 448 x 448
YOLO(v.1) 66.4 21 448 x 448
SSD300 74.3 46 300 x 300
SSD512 76.8 19 512 x 512
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