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Abstract Recently, technologies for organizing knowledge accumulated in a growing number of digitized
documents and then generating potential hypotheses have been highly requested, such as in biomedical
fields. For these objectives, we investigate applying statistical topic models to predict interactions between
biological entities, especially protein mentions. A statistical topic model, Latent Dirichlet Allocation (LDA)
has not been investigated for such a task. In this paper, we apply the state-of-the-art Collapsed Variational
Bayesian Inference and inference via Gibbs sampling to estimating the LDA model, and compared them
from the viewpoints of log-likelihoods, classification accuracy and retrieval effectiveness. We demonstrate
through experiments that the Collapsed Variational LDA gives better results than the other, especially in
terms of classification accuracy and retrieval effectiveness.
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