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Abstract: This paper describes a method that links anonymous accounts of social networks to resumes held
by organizations. Using machine learning, the proposed method generates a classifier for each attribute value
described in each resume, such as gender of female and hobby of dancing. It uses each classifier to judge posts
in an account were written by a person who has such an attribute value. By combining scores from these
resumes, the method judges the posts were written by a person of the resume. Training data for machine
learning are collected from other accounts of the social network. The proposed method was evaluated by
using 30 pairs of accounts and resumes with 2 kinds of sentence feature, 5 machine learning algorithms, 3 sets
of resume attributes, and two methods of score fusion. In the best combination of parameters, the correct
resumes were identified for 5 accounts, they were in 3 identified resumes for 14 accounts and in 6 identified
resumes for 19 accounts.
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Fig. 1 Overview of proposed method.
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Table 2 Attributes and their values used for preliminary evaluations.
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Fig. 2 Scores from attribute-value classifiers with Bag-of words and RandomRorest.
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Table 3 Averaged rank of corresponding persons for each attribute.
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* 4 RandomForest, &Ik, F¥ % 72386 O GBI 4
DAAT
Table 4 Scores of resume classifiers with RandomForest, all

attributes and average.

JEIE #No.
FH7>kNo. 1 2 3 4 5 6
1 -1.8772 -1.8091 -1.7393 -0.6563 -0.5510 -0.2724
2 0.5327 1.4159 1.2572 0.4543 0.0738 -0.2863
3 -0.7332 0.0897 -0.5668 -1.3735 -1.6809 -1.5570
4 0.7635 0.4048 0.9986 1.8512 0.7651 1.7652
5 0.9798 0.4715 0.2185 -0.0616 1.5058 -0.1729
6 0.3344 -0.5728 -0.1682 -0.2141 -0.1128 0.5234

= 2D WTCEE L 7.

+ 413, BW#EE 7LV T X4 L LT RandomForest,
R 2EHEOMEREE LTEBM, A3 THeHTEICE
BWarHWIgE0, 6 DOBREEZRNGR2OER S5
BOAaT7ThHh. KFAZ) vy 7 TRLTVAEAIT
&, BITEBT2REMHE (DF), £THT 2 MSHL
TRLUSWVWAI T 2E L BREERNEOHE) ThAb.
WHEH EOZ T (RN L TWBE L) BSRFEA T Y v
T OEE, T Y P ERANDOREREESIEL CRESR
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CIEENTWAD,
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i EDBREEBINBD A T T H 6 O DIFREREZG LD A
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BEshiz (Ra7Hh6 A 2fiTho7z) 7TH7 Y MK
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(c) BT AT 4 vy Wi, EE—BER, & (f) RandomForest, A&k IILpr, T
DE6T—ATHolz. TZT, TNHLD 6T —AIZDNWT

x5 KAOBEEN 1A, 26012% 728 - -
: . DAFHl 2 47 - 72.
Table 5 Number of times when corresponding resumes were
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Fig. 3 Scores of resume classifiers with RandomForest, four attributes and product.
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Table 6 Number of accounts for which corresponding resumes are ranked top, in top

10%, and in top 20%.
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Fig. 4 Accuracy of identification with small number of test data.
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Fig. 5 Scores of resume classifiers with GBDT, all attributes, and average.
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