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Ensemble Learning for EEG Signal Discrimination
using Blind Source Separation

Abstract: Recently Brain-Computer Interface (BCI) has been paid attention. BCI allows a user to control
external devices and to communicate with other people by measuring and discriminating EEG. However,
it is very difficult to discriminate EEG in a single trial because of low signal-to-noise ratio of them. Thus,
preprocessing for noise reduction is used. Blind source separation is useful for the noise reduction. This
paper proposes about blind signal separation method for extracting event-related potential that is one of the
EEG features. This paper also proposes an EEG discrimination method which extracts useful features and
discriminates them by combining ensemble learning with blind source separation.
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Fig. 1 Network of latent variables
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Fig. 2 Matrix interface of P300 Speller
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Fig. 3 Qualities of ERP extraction
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