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MyFactor: Individual Characteristic Adaptive Estimation of Factor
Information Contributing to Human Internal State
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Abstract: Recently, due to the advance and spread of smartphones equipped with various sensors, human
beings’ inner states such as “busyness” or “tiredness” can be detected more accurately. If people can rec-
ognize the factors contributing to their inner states, they will be able to regulate their own emotions and
moods by paying attention to those factors. However, the adaptive system for each individual’s diversity that
recognize, analyze, and provide the factors contributing to our inner state is not realized. In this research,
we propose a system, MyFactor, that accumulates smartphone sensor data and user annotations about inner
states to extract and provide information about the important factors contributing to a user’s inner states.
In a 111-day experiment with 13 university students, researchers estimated that an “individual model” devel-
oped only with the data of each user had a higher predictive accuracy for human inner states than the generic
model developed using data from all subjects. In addition, the model with the highest predictive accuracy,
trained by a single sensor, performed better and showed the possibility of giving a deeper understanding of
human inner states than the model trained using data from all available sensors.
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Table 1 Distinctions between emotion and mood.
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Table 2 List of sensors collected from smartphone.
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curacy using activity.

curacy using day of week.
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Table 7 Highest predictive accuracy and sensor of each users.
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Fig. 24 Example of spurious correlation.
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F 4 =BTV LI Sk EiEEd 5. 2L T,
VER SN R F N2 e GPA 227 L OMHER %
BT 52 LT, FEBEOBER L KFEITITENE,
Z ) TRVEFEDTITE R R L7z, S RITE) b
DD, WEDHERIIONVTAY— T+ DLy HF—%
ELICHFEG L TWAHRTEZEE T &) MIIARIIZE & 8
W35, LAL, BHINHBEREITHIAALE HWE
BOMZH BB HERERTRETH 720, FERIELR
MREETZENTER W, & 21E, IEE (BMD &
FEOFEAER 2T I KB L O RS Y, HEET
WBETIV—TE RO TWE TN —TDORBERDPEL %5 U
FRIOMRMED S 5 A%, BRI CHEIENIZ € DO RMRME %
BV &3 caEiwn,

Bogomolov 5 [10] 3B THIMH§ 2 7 — & ORI
HELTfibns [HFEGEIR] 2T, 2—HFDA L
MEZHEEST HDIHRNLER (ko TF—=%) OF 0 F
VUERBEIHRLTYS, ABONREICES L TWBR
Tx2GHT LT B IIEARIZEEEHUL TW 525, ZORT
DIEED X HIZAL L7z & S ICNHEIRE IS EDN 52 5
NALPEV)ERGFE TOFHIIATHON TV,

—J5, AWFZETIEPEARIC L DHMEE € 70 %
52 LT, SEALKEBWEROMIZH 5 & 0 B BILR
WL ToatredT) 2 e T& 5.
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7. BbYIC

ARIFFETIE, SR ABICHEIE L7 NHEIREICH S5 L C
VBRI E AT B Y AT L Tdh S MyFactor % s
L, MEEREEEICBS 25 24T o 72, SRk NI iR#E L
ENZHWNFHEROME AT 202 WS 2ICT 572012,
BeBEE 13 NI &L 5 111 HICh 722 FEEZFEMm L, [HRIRT
E7-H], MEHFE EVH], MMCLWH] o 3 fEfHO 1 —
FONEIREEIZE S L TV ARTFIZET 50 &7 - 72,
FEEROER, HARTEL—FIIOVWTOHELITIHEE
ThED DL, AT LICEB T 2MAET VO HHE
WIEEREE & RLEk L 72,

SEOMFEREE LT, RTHROBILFEOBRE 1T
BARICIT TCOL—FEY 74 §HlivhIFoh s, 12—
PR ERDOEE G52 5RTFIEHROPTY, FRICEELR
bOERHIFHAREL DL, ITHIEFEZRET L0
WCHER BRI EE R L Tw L.

HE AWZEO S E L AFZE RS S Bl S ISRk
(AN ARV Ar Y A N AP Rt A B ES AV A RN
AL IS KB W 2 250 KRFZE 0 —3B13 SR
A EEHE ) — T ST AT T L BRERRY
[Za—NVEREY A5 4)—%¥—7127 524 (GESL) J
MO DO E 2T 72 DT,
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