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Addiction-related Tweet Classification and Spatial Analysis

TaicHI MURAYAMA!  SHOKO WAKAMIYA! E1 ARAMAKI!

Abstract: The epidemiological survey is conducted for each prefecture and much more detailed surveys are
not done. Addiction in the epidemiology largely depends on environment. It is important for addiction
treatment to figure out the relationship between addicts and behavioral environment. The purpose of this re-
search is to visualize and analyze addicts’ behavior and environment in detail. Firstly, we construct a classifier
based on Recurrent Convolutional Neural Network from quasi-tweet data obtained through crowdsourcing,
to distinguish addicts’ tweets from non-addicts’ tweets in social media. Next, we visualize a geographic
distribution of the classified tweets with location information on a map. The geographic distribution of the
tweets by nicotine addicts suggests a pattern that nicotine addicts tend to gather in busy streets centered
on stations than non-nicotine addicts. In future work, we plan to analyze individual tweets on a long term
basis for figuring out characteristic patterns of addicts’ behavior.

Keywords: Epidemiological study, Addiction, Social media, Crowdsourcing, Twitter, Natural Language
Processing
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