| NFE 25 A oo 40 A Vol.2017-DBS-165 No.4
AL E%Eﬁﬁ_hgﬁ = Vol.2017-IFAT-128 No.4
IPSJ SIG Technical Report 2017/9/18

VXY ITIA—NDEZEEDTICED K VenuelfEY X7 A

JEIR ez AL R ALY B AR E it WA BT TAL Y b7 RS

BEE - AT, VARV A — NORKEMEL SHEOEEZSNL, R (BR) ORBIFEZMLS
5Z2T, VA= DA NMIKTEEEMEIZEDE 7 Venue ZHEERELR Y AT LOEEZHIET. ¥
F R A — N HFFNZ D72 WHIBRIZ 51 B Venue HiEZ 71 T LHEBEIZB 175 -V NAX—[EE
A, BEFECEI—Y (HE) 122 > TRMD Venue OFEMifEZEZ, & D Venue DY ¥ VI (HlZIEA

v RREHEE) 2T A MMOEREOEEEE OBEUE,PSHEE TS, FEEOEY ¥ VT 2RI
VA — MOFEMNE (E) &V — b MOSEERISAEET S, EHINAEZY Y VILIIHT 2 REROE
I U CKEMOBELEL2FEE L, TROER L OFLUE & FHhE L OFEOKRM %2 ERAL, EOH
b“‘)%’ UVEMET S, BBICHEINZY Y UVIZHETE Venue 2 #EH UHERTRT 5. AT, F

WIZREFEDZRENBVWI —a vy X2 HRE L, VAR TY A — b ORBERMIERE SEEHEBRIIcEDL

R DB B £ O Venue #EEFIEIZDWTIHRAR, $2RFIE L 0 Al U 72 Venue OAHBIMEIZ DWW TH
FEY 5.

F—T—R: UARTYVA— MW, VA — NESEDN, Venue HEE

Venue Recommender System based on
Multilingual Analysis of Geo-tagged Tweets
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Abstract: This work proposes a novel venue recommender system according to the national character in
any region based on crowd (nation) palatability by analyzing differences between locations and languages of
geo-tagged tweets. In this paper, we aim to recommend venues of regions where a few geo-tagged tweets are
posted. To realize one, we first identify the genres of venues (e.g., India restaurants) with high palatability
for each language of each country by analyzing locations (countries) and languages of tweets. Then, we
use the correlation coefficient to compute the similarities of countries from identified genres, and recommend
venues according to national character in each country by overlapping the similarities of regions outside home
countries with a few geo-tagged tweets In particular, we collect tweets in Europe with a high diversity of
mother tongues. We then classify the tweets of each nation based on locations and languages in any time
period by using posting locations/ times/ languages and mother tongues of the tweets. Therefore, we extract
venue (feature) names after “I'm at” in tweets that related to locations, and present recommended venues in
a map corresponding to genres of each language in any country by the extracted venues. Finally, we verify
the correlation coefficient between extracted venues with our proposed method.
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B Tweet #2358 | “I'm at” L8 (%) Venue #8502 (%) | s> K 0—< RY | oNvkaF | LY Y
E-fi 25,993,771 1,231,980 (4.7%) 342,992 (1.1%) x4 x4 - x4 4 x4
1427 2,251,204 98,488 (3.6%) 36,940 (1.6%) 2,914 | *36,203 369 1,706 81
75 VA 2,430,737 36,163 (1.4%) 29,851 (1.2%) 1,568 363 | *316,445 797 5
ARA Y 4,801,999 40,367 (0.8%) 34,813 (0.7%) 3,624 3,419 868 *320,614 117
KA1 2,041,920 216,242 (8.6%) 55,414 (2.7%) 1,454 367 211 820 *3873
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F 2 AMHICH T A& SEEEICHIE I N Venue AL 10 JEET (FRUISIERIOEES)
# s EE Venue [Food] /&8 (147 10 KE&H)
| =IVZ8 NIV ANRA Y | The Breakfast Club in Soho, Caffe Nero in London, Museo Brit nico, McDonald’s in Wembley,
Starbucks in London, All Bar One in London, Muriel’s Kitchen in London, Puente de la Torre,
Hawley Arms in Camden Town
A4 %17 | Caffe Nero in Croydon, Caffe Nero in Wimbledon, Caffe Nero in London, Starbucks in London,
The Elephant’s Head in London, London LST, Caffe Nero in Camden, Caffe Nero in Camden Town
0—=< ANRA v | Taverna Trilussa in Roma, LaBoccaccia in Roma, McDonald’s in Roma, Bar San Calisto in Roma,
Piazza del, Popolo Rome, Villa Medici McDonald’s in Roma, Villa Borghese, Pantheon de Agrippa
A4 %197 | McDonald’s in Roma, Goa Club in Roma, Bar San Calisto in Roma, Piramide Cestia in Roma,
Piazza Venezia, Old Wild West in Roma, Tavani’s Bar in Roma, del Vaticano in Vatican City,
Piazza Di Spagna, Stazione Santa Maria delle Mole
svens | 77 A | Sant Cafe in Barcelona, Hanami Cafe in Barcelona, restaurante florida in barcelona,
Restaurante Piano in Barcelona, XIX Bar in Barcelona, Bar I’Esclop in Barcelona, Sal Cafe in Barcelona,
Hidden Cafe Barcelona in Barcelona, El Merendero de la Mari in Barcelona, Pizza Emporio in Barcelona
A %17 | Barcellona, La Tagliatella in Barcelona, McDonald’s in Barcelona, Camp Nou,
El Rey de la Gamba in Barcelona, Meson Galicia in El Prat de Llobregat,
Grill Terracotta in El Prat de Llobregat, Bar Boqueria
xR 3 SHEBOEHEOBENY Y VIV EM 104 (T F v JIE porating Mobility Data, Proc. of the 25th ACM Inter-
M7 9V AGEL OEER) national on Conference on Information and Knowledge
Management (CIKM2016), pp. 569-578 (2016).
EFE Venue [Food] K& (A7 10 JE &) [2] J. Chen, S. Yang, W. Wang, M. Wang: Social Context
75> | French Restaurant, Cafe, Fast Food Restaurant, Awareness from Taxi Traces: Mining How Human Mobil-
Bakery, Bistro, Bar, Restaurant, Italian Restaurant, ity Patterns Are Shaped by Bags of POI, Adjunct Proc.
CoﬂShop, Japanese Restaurant of the 2015 ACM International Joint Conference on Per-
Y207 | Ttalian Restaurant, Cafe, Pizza Placo, vasive and Ubiquitous Qomputing an.d Proceedings of
Fast Food Restaurant. Restaurant the 2015 ACM International Symposium on Wearable
’ . Computers (UbiComp/ISWC’15 Adjunct), pp. 97-100
Ice Cream Shop, Bar, Pub, Cocktail Bar, Bakery (2015).
A4 2 | Cafe, Tapas Restaurant, Spanish Restaurant, Bar, B8] Y. Qu, J. Zhang: Trade Area Analysis using User
Restaurant, Bakery, Fast Food Restaurant, Generated Mobile Location Data, Proc. of WWW2013,
Sandwich Place, Italian Restaurant pp. 1053-1064 (2013).
K1 Cafe, German Restaurant, Seafood Restaurant, [4] E. Antoine, A. Jatowt, S. Wakamiya, Y. Kawai,
Salon, Fast Food Restaurant, Irish Pub, T. Akiyama: Portraying Collective Spatial Attention in
Italian Restaurant, Vegetarian Restaurant, Bar Twitter, Proc. of the 21th ACM SIGKDD International
Conference on Knowledge Discovery and Data Mining
S, BRADY ¥ VI BIAL R L, 41 (KDD2015), pp. 30-48 (2015).
. . [5]) A. Magdy, L. Alarabi, S. Al-Harthi, M. Musleh, T. M.
D4 NEEOFPMEL D Venue ZH#EAET S5 Z 2T, HAA Ghanem, S. Ghani, M. F. Mokbel: Taghreed: A System
DOWERE Iz L AWM E2iTS Y ETH 5. for Querying, Analyzing, and Visualizing Geotagged Mi-
croblogs, Proc. of SIGSPATIAL2014, pp. 163-172 (2014).
5. Bbbic [6] Y. Nozawa, M. Endo, Y. Ehara, M. Hirota, S. Yokoyama,
H. Ishikawa: Inferring Tourist Behavior and Purposes of
AFCTIE, BER (ER) OO E B L, St a Twitter User, Proc. of Al4Tourism2016 (2016).
ST =+, . R . Y
SEMHIHE U, KBWCBY D Veme MRz gy [ e e o L
FU, FBRE Y SHEEEICZHMED S Venue VJS‘THHL'Hé?}’Lf: [8] S. Wakamiya, A. Jatowt, Y. Kawai, T. Akiyama: Ana-
I ARERLE. £, YA —FODARWEFTHMSE lyzing Global and Pairwise Collective Spatial Attention
DB IS 5 5 AR OIS & 418 L 7 Venue HES clecmpmigiolr i
FUHEEREUIVATLRWMEBE L. 5%, SiEEEZILK [9] M. S. Mohd Pozi, Y. Kawai, A. Jatowt, T. Akiyama:
U7 8 £ O Venue HEEE S 25 A O &Ml %45 5 . S'kgtching L.inguistic Borders: Mobility Analysis on Mul-
tilingual Microbloggers, Proc. of WWW2017, pp. 825-
HEE OAWMEDO—EBIE, %A SCOPE (&= 826 (2017).
171507010), JSPS B ZE 16H01722, 15K00162, 17K12686  [10] %%E%hxfﬁfé%@% é%fﬂf;B—F*f 01%(?011/67;: Has
o 2 57 . - g VA = i , e orum .
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SE X

[1]  T.Hu, R. Song, Y. Wang, X. Xie, J. Luo: Mining Shop-
ping Patterns for Divergent Urban Regions by Incor-
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