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Implementation of Computer-Aided Diagnosis System for Colorectal Endoscopic Images
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Abstract: This paper intoroduce an implementation of Computer-Aided Diagnosis (CAD) system for clorec-
tal endoscopic images on a cumtamizable Digital Signal Processing (DSP) core, Cadence Tensilica Vision
P6 DSP. We estimated the system implemented on Vision P6 DSP core that is using Convolutional Neural
Network (CNN) as a feature extraction module for Support Vector Machine. As an estimation for processing
cycles of SVM module, we achieved that the SVM module optimized for effective processing onto Vision P6
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DSP is about 1/30 faster than before optimized algorithm.
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for (j=0; j<250; j++) // => 1000 /
{
dec_walue tmpl += (fleoat)w[j + 0] * (float)PROE_SCALAR¥® (float)ResultbufVEC[] + a]1:
dec_walue tmpl += (float)w[j + 250] * (fleoat)PROE_SCALAR* (float)ResultbufVEC([] + 250]:
dec_walue tmp2 += (float)w[j + 500] * (float)PROE_SCALAR* (fleoat)ResultbufVEC([] + 300]:
dec_wvalue tmp3 += (float)w[j + 750] * (fleoat)PROE_SCALAR* (fleoat)ResultbufVEC([] + 750]:
dec_wvalues[0] = dec_walue tmpld + dec_value tmpl + dec_wvalue tmp2 + dec wvalue tmp3;
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