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The Trend of Learning Analytics

-Report on the Seventh Learning Analytics & Knowledge Conference
(LAK’17)-
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Abstract: The 7th International Conference on Learning Analytics and Knowledge (LAK’17) was held on March 13-17, 2017 at
Vancouver in Canada. The Conference was organized by the Society for Learning Analytics Research (SOLAR) and for 2017, is
hosted by Simon Fraser University (SFU). This paper reports the latest information on Learning Analytics (LA) from 6
viewpoints related to possibilities and problems of LA. This paper clarifies the global trend of learning analytics, and discusses

what we have to do in the learning analytics in Japan.
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1. [XC®HIC

The Society for Learning Analytics Research(SOLAR) 733
1#9" % Learning Analytics and Knowledge Conference (LAK)

2235

T LAK'1L 2 HEFT 5 & 1,004 427 o7z, 4RO HA
PRET 344 T U, BRI Full Paper 2% 32%, Short Paper
MW 35% Thole. BIRSNEERFITEF 1491 TH Y,
Z3VE %L, Full Paper 2% 36 {4, Short Paper 7% 22 f{¥,

%, FEI (Learning Analytics: DL LA) ZFFIZHBT D Demo/Poster 73 45 4, Practitioners Presentations 73 15 {4,
REVREBRSHFEOOESOTHY, 54T TEIEORMELE

7otz AlE (LAK’17) 1%, 201743 H 13 A5 17 H
FTOS5 A, WFEDNR T —R—T, /LT L —
H— K% (Simon Fraser University) (Z35\ TR X7z,
LAK’17 OZMELKIT 4154 THY, HHEIL 32 »EHTH

Practitioners Showcases 23 5 {f:, Doctoral Consortium %3 10 {4
Thot. W2 ATV A7 7 L2 e LTHE16
DT =T a TRy B AR NERMTDE.
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+ Improving Learning: Retention, Feedback System, Teacher
Support Tools, Students at-Risk, Adaptive Learning,
Improving Learning, Learning Design, Student Support Tools

+ Understanding Learning: Affective Learning, Reflective
Writing, Self-Regulated Learning, Understanding Discourse,

Understanding Student Behavior, Modeling Student Behavior



* Meta-Issues: LA Policies, LA Adoption, LA Ethics

+ Tracking Learning: LA Infrastructure, Skill Assessment

SbIT, AEIZ 2 SOEFHEHICEWTHEE DO D~
NFE—FNT—=H 2] LFTEY, "TLAT e
T ariZBVTHEWELARES TV

AR T LAK 17 1281 2%t v v a v 2 FH OO GE
LR A E 2, LA ORett & MERICE L CEEL
BEABND 6 DDOT—vEERL, LA OBV THE
D, 2 BT, BERET VIS K A FEITESTICON
THERHT 5. 3T, HEOHIICONTRRS. 48T
i, BEFROFAICONTIRRS. 5 BT, FHEMT
VBT B fmEIC DWW TR 5. 6 ETIE, ke LToxt
JEZOWTIHR~ S, 72, U EofF#eb LIz, 7ETI,
LA O F Rt & BERIC O W THEm T 5.

2. BEETIICEHIBZETHRBRH

Modeling Student Behavior (X% D7 —~I|ZEH8%H Tz
Ty a U Tholz. AKHiTIX Full Paper @ 2 % Hl T
MEZBRNL, FEHOEIRET M IZONTE T2V,
2.1 Detecting Changes in Student Behavior from
Clickstream Data [1]

Jihyun Park &%, LMS IZEIN/Zr Vv 7 - A MY —
Lo T = Z I B EOEBRTE QBT O R R 2R 7T
ZITHr Yy s AR —h s T2 LI, R
DR, BMEORH, #rR~DFEZIARIMES 7Y v
BERBLELOTHD. FRIOFADZ ) v 7 BT —
By ZBOICET L L TR 21T 572, —DiF~ L X
—ABEEHNDIHEDT, x>0 2 x;; =0 THDIMI
EBREZLIEY, x>0 ThOMRORRYZFAEEITH
WBL7ZETVERWE. b9 —2x,, ZRT YV ik s
LCRET2HDTHD. WTHOET MTENTH, &
A DOYR M, & % 21 b DEFAEOT a7 D TER L
L, t<t BLD t27 TThOREZINELRDGAE,
NEFEITEO®HA L LT Z/AMES & Lk,

TR, BEZLOBEMEI/NINEEZ BN DHBIRITK
LCHEASNDRERT Y U XV ET LT 52 L
DIESMEDFKIRIILEE BN LD, WTFROET VK
WTHFETE OB R 2 T Z Lo L, £729EF
WY TNIRET N TH D2, Hx RIEEO TR S 7%
SNTVLEEZLND.

2.2 Modeling Exploration Strategies to Predict Student
Performance within a Learning Environment and Beyond
2]

BIEDOM#EN—AL LTHEEDORRNRLT UV M7 > b
% T3 572 DE T L iL Bayesian Knowledge Tracing
BKDZEIZ LD & LIZFERETANNL OMEEES AT
L0, FOTREEZ S D721, Tanja Kiser b1 “fif

B DRRIBHEEBET DL eRELL., 3 Ba—X
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Eo TSI & =401 ZANT, #%251< 2 F— 20K
NI E AU R—DIEENDS, £F—2D8IK hEvIal
—va Lo TP, TOHEHET LV ETER
LERNLFEETEZLOTHD. ZOBRKRBEELEE L TF
EDRENETFRT OO ETVEAREL, THRKELS
HBHZ LRI LT, MEEELRR A T T LT AT DIC
AT oy NU—7 ERIRAT L2 Li3a s TFiEo—
ODTHDHEZEZLNDN, TOILEDFPED—2%R L
bDEEZRDIEAD.
23 FEOBBETIEIZROSGIAD LD
KeviarTHRbUEZET ML, 3MEEDORELED,
2T, PAEOITEZHRENRET ML > TERELZ S
DTHDH. TLT, WINHART YV ViBESLBKT 2 XD H
HEDONTZT7 L —ATU—7 Db & TERMPITONTEY,
FERENEZO 7 L—LTU—J 2t LT, FAEOFEK
RO “TR” #ITHZETHD.

—HT, FHEWREDLIITFESEDON, DFEDFED R
HEAXLERESH CRETNMEBMLETHDTEAH. 72
WD, AHW=ALEMDZEITLY, BEEZTYVA T
HIEMWMTE, TOTVA L NIWE-> THEE - FHENAHEIC
ROLMMHTHD[3]. LA OFRE LT, kkx RFEITEN
A EEND L9 TERD, MRELTERLTVD
CEEOBE” OMRITENRTWAITNhE YL, REZFOH
RN OENDDONE NS T A= AN D MR, £
bFE R BN2V[4]. BEFEOEARER DB EIZESE
BRI b R L THFNICER bEn= X o, §#
MRV SN EGEONBIEZZ, FEEWVWI LOEKS
BN RIET D Z EIBR L TV RETIERWES D ).

3. EROHOH

HBE DT (Reflective Writing) D& v >3  TIEEL T D
2ODHENDH ST,

3.1 Reflective Writing Analytics for Actionable Feedback
[5]

A D LAK’17 23V T Best Paper Award % 15 L 7-.
ZOMX T, HEEINTDEOB/L VT L—LAY—7
EREL, THICESWTHEEDTL, 74—y 7
D ara—H A7 A (AWA : Academic Writing
Analytics) ZBIF L TW5. HEOEI L, Impression,
Interpretation, Internalization, Integration, Intention MDJET
WL 72D, AERDOWNARIL, Context, Challenge, Change O 3
DIZHEINTVWD., AENZZ D7 L—2sT—7 %t
L, BEONKEERIPBEEL TS L{EL, Context,
Challenge, Change DIIHZE THEDEGWAIES 2D L LT
LINK2ME &5 7 L — AU — 7 TR &fT> T\ 5.
AWA Tix, BASELEOER/IZIE Xerox Incremental
Parser (XIP)ZfEVy, HLRITEILN TS H DA, Context,
Challenge, Change ® EhinxflEL, DO LT, 74— K



Ny 7 EBHBERT D, 72720, ZOB, HEOARFD,
Emotive, Epistemic, Critique ® EAUTHEY T D0 HHIE L
TWHENWS ZLThole. AWA ZREDOH T30 ADH:
B> TH B olcl 25, 85.7%D A7 AWA D7 —
RNy 7RI TeoTc L RIEZ LTc, 12721, 74— KA
J\ZHIR S HIRIT TV D &0 9 A B EEAF(E LT
3.2 Reflective Writing Analytics — Empirically Determined
Keywords of Written Reflection [6]
ZOMXTIE, BESTE BT DAL LT, 8
DDHT Y
Difficulty, Perspective, Learning, Intention) Z A T, 3L
HaeBBICZO T IVICHBT LN EDORETE
D0 EFER LTz, &7 2 VI 2,000~3,000 2O LA
HAE (F—%t>y b L, TNOOXREHTIVIZEE
NDZMEI e NICEVHEL. 20Kk, 7T -4ty
N 10 f#I2orF, ERENTELFOMEEE L7 (10-fold
cross-validation) .
+ training set(80%),validation set(10%),test-set(10%)(Z 457 1} %
- log-likelihood IZ K Y & I EH N5 HFELE FIUET 5
- validation-set DX T, ZDFHDO—F LIZd 2 HIENE
EFNNETZEOHTAVICADE L, ZRISMNIAL 2N
ETD
c NIZE D ZOHENIE LW E D 23 5
Z 2T, PHMEOFEIE L L TIX, Accuracy & Cohen’s k %
fiotz. BTAVITEY, JSELHFATETTNDLHD L,
ZEITROVBDRHDH T ENHLNTRoT.

4. RFHEROF A

AALTA 77 L A= HHEIZHESI N, Affective
Learning @ 3 2 > CiX, Full Paper 1 &, Short Paper 2
KOERNH Y, FEEFEDOBHEHROPIFOZ DM
WCHEERR M T Tz,

4.1 EMODA: a Tutor Oriented Multimodal and Contextual
Emotional Dashboard [7]
FEEHOT T, FEHEOBREHFRRUT LS 2y

(Reflection, Experience, Feeling, Belief,

yvaR—=RE, ZhETLTLLZFRD k. 20
WETIE, ETF ARk AT LT L DIMNEREEE 25 L

LT, ZEE DR RONELIT> TV D, BRI

Microsoft emotion recognition service API % F UV C, BAZ D
BN EORIEZIT) &L bz, EPEE, LA Lvo
T BB 72 & E O 21T > T\ 5. $£72, Beyond verbal
service API Z T, 225, arousal & valence @ 2 ¥X
JUPERE EONLE & L CREIE O 21T > T b,
%, BEORSV EZRTETH Y, valence IF, ZNNAKY
T4 TIRIEEINRATT 4 T IREE P ERTMTH L. £z,
FE OB L TR, FEBFORKIEOREEZRE S
LB, TXARNERRLE, Fyv bEiThRol%
DARY MEREFIEL TS, Z LT, ZhbRERE

arousal
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WMEMEMIETRTDIZHODL v 28— FEMODA O#2
BETIRH>TWAE., ZOF vy aRh—FTiE, 2Ety v
g VU EROWEATRT A F 72— b L HIT, R
TORNEEFRRTHT0ODA 27 2—ANE ST
. Fiz, BB AV MNERET DL LT, HORER

BEEO X VEMRERESRT DI ENTE D, E£2,
R ER 21TV, ¥y aih— RE LTHOLLT N
LoD, ERE EOERICOWTIE, LY EMrt A 0E

NHDLZEREZHLNILTND.
4.2 Person-Centered Approach to Explore Learner’s
Emotionality in Learning within a 3D Narrative Game [8]

ZOFFETIE, 3D 7 — AU K D E OB O EEFE ORE
DO EAT 2> TOD. MR LET DT — L TIE, BIER
%%Tmﬁbfbémﬂf®ﬁl%,%%ﬂ%%btmﬁ
LXK, ERETOT A PEZBLTHLMIZL TN,
F7o, JCHRZEFRAZEBRICIE, FARE A F6T 5 720 DB
WCEADBERH D, SHTOBRL, AR TSRO L
RNEMOKEZFZEFROBFEL LTHNTWD. —F, 7
— L ZATIR o TV D BITIE, Web 71 A 7 TEHORSE 21T 5
e LToM 613, EREOE=2V 7Y 7 =T
(iMotions) 12 LV, LW, KXY, LA LV 2 EER,
HoOFRBFOMB R Ton, oo MBEEZR5 Z LT,
RN LV o TRIF IR 2 TSRO E L ARBE DY &
D, EESE RTLIERET, FEMOKEMHERSH D L
WoleZEZHALMNILTWND.
4.3 Using Data Visualizations to Foster Emotion Regulation
during Self-Regulated Learning with Advanced Learning
Technologies: A Conceptual Framework [9]

ZORIFETIE, BOIEFEEICRT DEIETE DD
T OAHUEERINT 2 Z L2 REL TV 5. Eﬁﬂﬁ‘] Z
X, BIxE, 7ANT XT3 2FRAT G, b
— b=y LY, TERAILHOPTHER T REHAIC
BEZBS>TWRNWI LE2RT LT, TAREEEDT
TFAbML—=a VOBERNRIAR L 72> TV D Z & &Rd
TEREEARELTND.

LD &9 72, BB OS2 BAF, oL, FIAT 2
AL, L0 FEEFEFED Learning Analytics 2 KT 2 Lk
THEHEMEZHEL TWSERERO 1 2L kd BN,

5. 2EBRMICET HMRE

ITEA 77V A2HADE Y a2 2C TR
fliC7= v TLAEthics] L#ITI-NBfEShcty v a v
WZOWTHET D, ERIT3IFTHS.

5.1 An Elephant in the Learning Analytics Room: The
Obligation to Act [10]

University of South Africa (UNISA)?® Prinsloo & Open
University @ Slade IZ L 2K THD. TIX, LA Ok %
RPN THEGE (B EE 2 E 25 T) BNEEOKRY S

- -
— —



DWVITERB A SVEETTRT 2 2 ER3mEEE R 20dH
L2 EEMEZ, BHEEENEDOLX S e HTHIOHE (the
obligation to act) ] ZH I NI OV TOFEMEIT> TN D.
LA DN+ LIRILTHEE, T —F OaHic L > TH
BHORYK (BHFERE) BTRTE IO Hmic s b 30
LT ORI W FENRREEZFADLENIZ &
ITEZLNDDOTERNNE VW) 2L ZFEN ZOREOM
BERTEDIETOND. 20k H7% HTEIOFEE I
DNTIE, RBRICHE Eofla il x 724 % LA IC K-
TROTHT Z EBRICHK & LTHEBEITIE (EHRZ
DMOEHT) ZOFEEZIETHILENTERNE VD
ARSI LTV S.

EHOIX I THRE LD D EBEOHAEII SOV THER
EHEIZLDOD, T EOEEIPIRNIC D D FEE BT
LEEHDVITHEARBERICOVTERL, BEUHHK
BIZBWTZD L) RBEBICOWTERMTOATNS N
ZRIVDNTTWD. £7-, LA DEEOFEEZ &FEICB X,
Open University & 72 UNISA NEE XEHITH L TV D%
H & LA OEMOTER & OBEIZ DN THRF LT 5.

U baiiEzx, MTHT28%) 2FERT L2005
L LT, HEBE LR OLRBEEOHR, T— 2N
EWMMR 2 ERED L, F2T— X ONETFEHCm
HEZERT DO TIE R ZO—FTITEIT 2R/ B O
FPHEZET 56D THD Z LITHONTOR, BIE
& B O MM Z B E 2 CHESCZYEEEZ XD L,
B LW AR R T 5 MR 22 BRI HL Y fde = & 72 &
RS T<ns.

TEEE NI, HE DT LEESTFICE TS TR
I TTADZEN] IS THHOEEATDH LTS K
TORERT D LICRD L, LA TR L CHEKREN
BEEZA D ZLICOVTOEmDITS REBET 2501 H
Mo TNz,

5.2 Where is the Evidence? Learning Analytics: A Call to
Action [11]

LA WFRICET DFEHL (BT R) IZ2NT, [E¥E
DI AFHLOBNEF E LN LER L TV 5.
RS E R RT WVHEROLDBHE S NLT N EWVSRY S,
BEMEOZ LS, REOHFELEML, Fio, EHEMRT
HMETH D PISA ZHiZO\ T, BIEMARERICE Y E
M EORY 2FA L ERRBBEUNCHERI N2 Wi ED
MERAELLIZEEEHLTVD. b Z2HE X
LACE(Learning Analytics Community Exchange)”' 7 = 7
T ET CRICHET 5 4 oot E R x, A RER
T BT AEERT S Evidence Hub Z 5 L TV 5.

Z @ Bvidence Hub & ZZICEBEINT-=EF L A|TD
W, EPOXIICITERT S EBRFERENMIOVTRM LT
Wa. 20O—J, HERIRY, FEORZY 2 EORER
DR TIHTFET LI EEZEML TS, Ibig, ik
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R TIE LAK OEBESHERCOLERZ VIR THY, £
NUSNDLL OIRPREGHRTET AL LTINS Z LD
HfERsEOND. £, TET UV AERET LD, LA

CBIDLWRECHREE, V77 L AR Ty — T

DEENZHONTOREL RSN TND.

5.3 Student Perceptions of Their Privacy in Leaning

Analytics Applications [12]

KI[E @ The University of Wisconsin System (UWS) &, %[E
DIERY AT LHERZEBRJISC) BENENKFAE LR
BE LT, BYOEBITHORBEAHEHIND Z &ico0»
TEDLHITEZDMITOVTHAELEITY, THRIZONT
LTS, HEHBIIUTO®EY THD.

1. Would you be happy for data on your learning activities to
be used if it kept you from dropping out or helped you get
personalized interventions? (& L % & 727 D FEEH)IC
DNWTDOT—Z0, bRIEVELZENDDEH D
WEDNTZY, HRIZMANCEDETREEZIT S T
WZgolzy Lizk Lich, SR LnEBnETD)

2. Would you be happy for your data to be used if it helped
improve your grades? (b LbHRIEOT —FRNH77T-
DFEEZ RS T27Ditlbns R bidonlne &
WET )

3. Would you be happy to have your data visualized through an
app where you can look to compare with your classmates?

(bLT7 7V 2> THDDT =S %7 T AAA |

LHEBL TR ZENTEEZL I N LN E BN ET

D)

ZIHIZOWTIISC & UWS O OFERZ L, HUF
DEIBRIENFERHINLTVWD.

UWS DAL T JISC ALY BASDT —4

PHERIND ZLIZOVWTERLTVWDERTFTHD.

ARG & 7 o 7oK E & EE(UWS & JISCO)DFAEDSE

Ik, iz m g sdicT—2»™MEbhd 2 &

DWW TS BOR Tl .

KEOFAE (60 N—t > FEALE) [FEEDOEA (30 3

—kMET) &0b, BHOT—2E2T 7 VIC&o

THLDFAEL B TE D 2 LIZHKRAN TN D,

BB OB L CIESSANLHEBER S 2 A
YRR, BHEHERNICEZ T AN D KE O R OAF
EREBATIERONE VI HEEN b T

6. #iL LTOXRD

HEA I B AT 2 R 5 12h=0, M LTEo
LY REEIRK, BERRENRENLTHEDD, 2 DOV
— 7 ayZIZBML, TOHEimEFHE L.



6.1 LA Policy: Developing an Institutional Policy for
Learning Analytics using the RAPID Outcome Mapping
Approach [13]

IO U—2 va vy X, BRKMZEEBEZS (European
Commission) D 3$%% 521} 7= SHEILA (Supporting Higher
Learning Analytics,
http://sheilaprojecten/) 7 B ¥ =7 h DA RX—Th 5,
Yi-Shan Tsai, Dragan Gagevi¢ (=7 1 > /37 K*), Pedro J.
(w2 3 HRFE~Y R — ) © 3 K
OB KD, SHEILA v Y= 7 bk, WMEA

(European Union) @ Erasmus+7'1 77 A& EIZ AN,
JE Rk B9 5E A (formative assessment) <°/%— Y L5
(personalized learning) DEIBUZARAI KR, FEH o /5 —
ZTEOWENRN ) o —DERSRE BN L 775, BEiR
(=T R) b EDK KR —EZRTEDL LD,
ST 7 > 3 > V% —F (participatory action research) &
2 7T A Rapid Outcome Mapping Approach (ROMA ,
https://www.idrc.ca/en/article/rapid-outcome-mapping-approach
-guide-now-online) D F{E & AW o X7 v 7' T A% MR L
TV, Zhud, R ERZAHT OB TR — OFEMER
Vo—%fHT 252 LIFRET, SEETERENITST
TR —5ET DU ERH DD THD.

V=7 ay 7T, £TEMOELLONrFv—
7 A LM @ SHEILA 71 ¥ = 7 b OEBEINRENTZN
ke L THBESRTOBENIEEPHTHY, ZOER
DI NRIREN TN D, 2018 43 A& LT, 4 HBH 2 %t
502 SHEILA O KABIC L HET /L LA R Y v — DR EN 72
SNHLEDZLETHD. 70k, SHEILA [Z45HEBID LA K
Vv —%4E07 R —4 /1 (http://sheilaproject.eu/la-policies/)
HEALTVD. ZOEEMEMT LI LI TSRV, LA
RV V—REIZHTZVEHTHA 9.

6.2 Community Based Educational Data Repositories and
Analysis Tools [14]

HET =2 LZORIY =1 DledDEFIVRY Y &
BELCWBaIa=T A BNFHLIEY—T a3 v T,
#AMIE, Kenneth Koedinger, Ran Liu, John Stamper (7 —
FF— A KF), Candace Thille (R % > 7 7 — R KF),
Philip Pavlik (X7 4 AK*), Una-May O'Reilly (MIT)
DERTholz. AFIE, EABFME (NSF) 238hEk L
KaIa=T A PHETD, FERIFTOLLODA 7T A
k< 27 F % — [LearnSphere] (http://learnsphere.org/) & %4
T D — 27 70 —% o TONY AF eI F—L 02 5.
lLearnSphere| (X, 7 — & OWMLFTOIEEN D, HitE
TOAOER, RELET, BEEZEALRRS, Hilk
drag-and-drop THERET X, T E TOMFFERIFE O ZEFEN K
LIS v AT L Tholz., Flz, N XA T, A
TAN=T REOFA—T 7 —2%FHL, &HT, A
B - HBEWMTOT — 2%y NOLENREES L. EHE

Education to Integrate

Munoz-Merino
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FEHEL~DOMIGITEHOBE LD Z LT, V=T —H
OFAEMAPEITELZERE L TRV, FEETY —L %
AL Plug & Play @ X 5 72 AL B CX 5 572
Tz b,
BAERAEERY Oo— RV TR —T L,
NEBNCER DRV =D HHIRETIHIZ LA RY —
HFHEPADIBHRLIIMATHA . LA RFEBET —2 0
HERIZOWT AU AN=Tarv A0 WIRT, RiE
DIFEICZASNTE BV, ZOFHICOVWTE Y g &t
HLYVa—varERBAILRThiEnTRne &, LA
R r— W) Fiiz 7z BIEEE ARICBTIE 50, A8F
FERETHENIZLEDLS THA.

7. LA OWIREME & MER

L Hhr 77yl A 1 BEHRY R=—TRRKED
Roberto Martinez-Maldonado (Z & ¥ ZZjii X417~ Cross-LAK:
Learning Analytics Across Physical and Digital Spaces [15]i3,
8:30~17:00 ETHO I/t v a T, LA OAHEM & RE
JHICOWTT VT 4 75 —= 0 PR TIERREBRMNTD
Nz, FEitPE el RErE E SIS W T T LA VA =3
VI M Tbh. TV A VARV T ONEIR
bit.ly/CLAK’17_ideas ABH & TV 5. LA BNY AR — FTE
HZLE LT, (DAN—ZDO@E, QB 3)%H
THA L, @OHBHFEE, O)VFEONRAZ <A XL, (6)F
BT, (7)Y 7 by =TB¥, @)FEHOMS
TRUFESE NN 5 T2,

BEE LTE, )7 T A N — R/ mER RS, (10)E
17, Az 2 vofBE/e AT 47 A, 12T —2 V)7
T v, (13)BFEF — % ORESENZEN - =

52 ETHRATZEIE TS & BB TE Y, And
DOV FEETVHBICETLI LOTH Y, ZAOEEITH
ZEfET 572912, Learning Analytics DEE /2T —~ D —
DL D. HIETERZEEOSIIT, Q)FEE O M
FEGEIZET200THY, 4F TIEAMDBTA TON
ETHENHIRDEMIEAETH 7N, S%IFEHENIE
REALIZ OV T E HITHEREA TV Z EBHIF SN
5. B4 BT EFEFROFNAIL, QFEIZHEICET
L2bDThHD. FEHEOREOREL FEHERDESES
FCTHERBERTHY, T TA OFEREICBNT
BB OREEE AT 5 2 L iE, HHiCTF 2 —F —n3%F
HE L R BREMERT 20T &%, S ETRA
LIRS D MENT, (9) 7 T A N — R/ BRI
MiaboThsd. FHRBET —FOFERICETHED
FIIRAFREOHF NG, T — X OELALEI, A%EE
RIRERREE 25725 5. B 6 BT L LCoxf
I, (D=2 R FOME/e P 2T 4 7 ZICET5HDTH
b, BMERFETE, A4 vBERBLEWI LAV S
AV OIEMBEEERM L TE Y, Moodle ZX—R (2 LT7=7



Ty b7 A —2EHEALTND. LMS B H %, K2
R ST REREISNTHDY, ZERERETHERALT
WD LW IIITITE L TV, T, #RELHAN
FHIHRATE D v ah—FR2neEnWHrZ b dh b
B, EOXIRBNTT —XFREITO O, EhBED
HHOTFT— X EZRATE 500, FECED X D RETHF
HAERDBDMN, FHNa Lt ZROEKICHEMAZEL T
WAHZEHBREW., —FHT, IMOOC OAXT T v M7+
— AL LT, MERFEMOOC 77 v b7 4 — A&
TEED, FEu s/ F—20—ed—7 0 F—F{LTX
RN EWIERELH D, T, MAMIBW T LA O
P N—T%H EIF28ENHLNED, Z0X512%
B2\ 072 2 LA OFFFCHEICIS 2 D 72D1iE, BAREN
BV TH AR NEEE LT LA ICERD T Z &R0 5
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