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Algorithm 1 $ERFH

Input: G, 7LD 7 7 7; €, Mififi; max_iteration, e ASHEE%EL
Output: M H INbDERVK /) — FOEEE
1: 140
2: G+ G
3: while 7 < max_iteration do
e+ ¢/G; D) —F¥#
for each G; K& EN5%/—F v IKHNL T do
ig}ﬁ ri(v), J:KE@ Ti (v) ’E::Tfﬁ
end for
if G; DAETD /) — FORHBEHIK then
TNITYRL%ETT S
10: end if
11: G; 26 _LRED € %T@%/—F%l&')l‘éﬁ? Gi+1 %ﬁ%
12: 14 1+1
13: end while
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