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Optimal Partial Projection to Normalized Eigenspace

and Its Applications

FUMIHIKO SAKAUE' and TAKESHI SHAKUNAGA'

This paper discusses an optimal partial projection to a given normalized eigenspace. After
the definition of the problem, a simple solution is provided using a concept of homogeneous
eigenspace. The proposed method can be applied to various problems related to object recog-

nition.
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Fig.2 Visualization of HIS, HES, their relationship to
NIS and NES.
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Fig.3 Relationship between Solution-A and Solution-B.
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Fig.7 Examples of optimum partial projection.
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0 1 Yale Face Database BOOOOODOOODOO
Table 1 Comparison of misdiscrimination rates[%] on
Yale Face Database B.

Method Subset2 | Subset3 | Subset4 | Subsets

IC(attached) 5 0 0 8.6 -
IC(cast) 5) 0 0 0 -
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Fig.10 Examples of partial projection.
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