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Abstract: In this paper, we propose a playlist recommender system. The system recommends a playlist
consisting of music sequence that have smooth transition of their acoustic features. Given two music pieaces
Ppt—2, pt—1, the system finds a recommended music piece p;. First of all, the system maps music set P into
two-dimensional feature space. Then the system searches for a recommended music piece p;: on the mapped
feature space. We conducted user test using a music dataset which consists of 909 music pieces. The subjects
consit of ten men and women in their 20’s. The results showed the effectiveness of our proposed system.
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Fig. 1 Searching for recommended music on two-dimensional

feature space.
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Table 1 The average ranking of each method.
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Fig. 2 Distribution of music pieces when the random method

won the 1st rank.

WG L 722 EDHERCTE 2T, RETEI R TILIZHE
ENMEDS 7T, T 25 LTFiEDS 1AL 2 M5 L2\
5% 52 ENTND.

X 2137 ¥ AFEPREFER L7z (705 4F
ENSUNL, RETFHEDIMEHES L) L E0 2 kUM
2R ECORBMOS A ZRLTWA, KD « I3RS
LD EIRESNT- 2008 py, pr #FRT. ¢ ITREFLL
LD BIRS N ps, pa, ps #RKT. e ldT V¥ LT
XY EIRS N ph, pl, ph RS K2 XY, R
FFETI 2 KU ze i L TR0 SEE MO BRI E
BTETWAIZL22bbT, N TIET v ¥ AFEET
[a] - 7.

DloZ ent, SO 2 KU ZEM~DOBE D ik
PIREFHEICE DT LAY A MEROKEE IR E L RITT
EEZBND, LIA> T, RETIE 2 RICHFMZER DG
BTIEICOWTHELT 5.

4.5 2 RTBEEHZEENDEGFEDIRI

3.2.1 TR L RICRERRE (MDS) 12X 5% 2 Ktk
BZEM OBZFHEICOWTH L7z, RERTIE, o2
RICFFMZEM OB T LT, IVARY TV AGH
V2T (CA) LEEMB oI A VEUELEICL
72 0 (CS) AWV EEDT LAY A NMEEOMREIZD
WCHERL 72,

IV ARY TV AGHIE, 7— % OMEBREZHRENIC
ERT 57012, 77— A EMICES I NG, KE
BRCIEI VAR TV AGHITL Y, 2 RICOFEHZERM I
BAE L7720 D% Hwiz.

IV A CEMEERERICLFER, BRI TROF
JIET 2 RIC ORI ES T 5.

(1) &%EHxHIDOWTHEHARZ Mo a4 VEUEEZE
Hd 5.

(2) %l p; &% p; OFBIE sim(p;,p;) % i 4TH j 51H
DEFREL L7ATHERER L, 2N e FPETE T 5.

(3) FMEATHIOBEA N7 bV EFEAMEAINE D DS
NEWZ 28 (01, vy) KOS,

(4) %l p; @ 2 RICEEBANRZ DV % (v14,v9;) THRT.
ZC, v 3R Mo, O i FHOEFZEETA.

(v

© 2016 Information Processing Society of Japan

x 3 FHHZEH TG TEONRN

Table 3 Ranking result of each feature space.
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