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Abstract: Classification and classification criteria discovery are a fundamental operations in understanding
things and concepts. It is also a basic operation for abstraction. “Find the odd one” problem is a question
in elemenary school entrance examinations for measuring ability of classification. In the problem, examinees
are requested to choose one item out of a group of given items that can be distinguished from others. In this
paper, a solution to the find the odd one problem is proposed, where the odd one is identified on the basis
of latent topics extracted from a relevant document set. It is shown that the proposed method could achieve
76.9% of correct answers rate in an evaluation experiment.
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Fig. 1 Example of the “find the odd one” problem.
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Fig. 2 Dendrogram showing the result of clustering {crow, bat,

sparrow, pigeon}.
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Fig. 3 Dendrogram showing the result of clustering {dog,
pheasant, monkey, ogre, ghost}.
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procedure guessTheOddOne([, {z}, {®..}) {
X = ¢;
foreach z in {z;} {
u = 0;
odd = NULL;
foreach x in I {
if (. (x) == 0)

ut+;
odd = x;
}
}
if (u == 1) add(X, odd);
}
return X;
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procedure findThe0ddOne ([, site, H, params, M) {
C = buildCorpus(/, site, H);
L = ¢;
foreach p in params {
for (m = 0; m < M; m++) {
({21}, {‘I%}) = LDA(C, p);
X = guessThe0ddOne(J, {z;}, {®:i});
add(L, X);
}
}

return arg max countOccurrences(z, L);
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Table 1 Problems used for the evaluation experiment.
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Table 2 Options for limiting the search results.
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ez L —

x 3 FERRR
Table 3 Result of the experiment.

@ | ) | () | (@ | (e) | () | (&
BEAE T o X - - X - o
Q&A o X [ o
BLOG o o o X o o
ANY o o X - o X o

M | @ | G| & | QO | (m b
BEAF T - X o X b'e X 3
Q&A o o) [¢) X b'q o 10
BLOG o o o o X X 10
ANY - - [ - X X 5

K4 FEBEROTLD

Table 4 Summary of the the experiment result.

Fk R (%)
HEVE AR 24.6

BEAT 1 23.1
Q&A 76.9
BLOG 76.9
ANY 38.5
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