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Fig. 1 Workflow of this study. miRNA/mRNA expression pro-

files were separately embedded into low dimensional

space by PCA (feature embedding). After identifying

PCs used for FE, outlier miRNAs/mRNAs are selected.

miRNAs/mRNAs exhibiting significant differential ex-

pression between tumor and normal kidney were further

selected among those selected as outliers, and pairs as-

sociated with reciprocal expression were compared with

those listed in miRTarBase.
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Table 1 Discrimination between normal kidneys and Wilms

tumors. Row: prediction, column: true classes. The

first PC loading for mRNA (L = 1) and the first seven

PC loadings for miRNA (L = 7) were employed for

the discrimination.
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Table 2 Significant relationships to survival probabilities in

various cancers provided by OncoLnc. Those associ-

ated with corrected FDR < 0.05. Two renal cancers

are in bold. LGG was in italic in order to emphasize

the association with renal cancers.

FDR

¨;  �~ Cox P � 4Y P �
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