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Q-learning for Trick-Taking Card Games
with linear function approximation

YuTAa Sartol®

YOSHIMASA TSURUOKAZ2

Abstract: Learning the Al of a multiplayer imperfect information game without prior knowledge is one of
the important challenges toward the application of Al to real-world problems. In this study, we attempted
to learn action-value functions for trick-taking games, which is a kind of multiplayer imperfect information
games. We built linear action-value functions using Q-learning. Experimental results show that the player
built by Q-learning is superior to a simple rule-based player and that learning with self-play is better than

using a random player as the opponent.
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