Vol. 46

No. SIG 8(TOD 26) gooooooooooooooo

TF?P-growth0 00000000000
00000000000000000

O o o of oo o o o o o off

goooooooooooooooboooooooOOOOOOODOOOOOOOOOOObOOOOO
goooO0oooOoO0ooooOoOo0oOoO0o0O0OoOoO0OO0boOO0O0O0O0O00O0O0000CO0OO00C0000O0
goo0ooooooooooOoOoOOOOO0OO0OO0OO0OC0OOO0O00000O00O0OoOoOoOoooooooo
0000000 k00000000000 000 k000000000000 Top-k Mining 00O
00o00o00o00000000000O0Top-kMiningOODOODOOOO0O0O £EO00O0O0OOOO
goooooOooOoo0ooooooooooobooooOobOOOoOOCbOOOOOOOOOOoOoOoooo
gooooooooooooooooooooooOoOoOoOObOOOOOOoOoOooooooooooo
00 TF?P-growth 000000000000 TF2P-growth 00000000000000000
go0o0oo0oO0oooOooooooooooboooooo

TF?P-growth:
Frequent Itemset Mining Algorithm without Any Thresholds

YU HIRATE,t EIGO IWAHASHI'® and HAYATO YAMANAft

Conventional frequent itemset mining algorithms require some user-specified minimum sup-
port, and then mine frequent itemsets with support values that are higher than the minimum
support. As it is difficult to predict how many frequent itemsets will be mined with a spec-
ified minimum support, the Top-k mining concept has been proposed. The Top-k£ Mining
concept is based on an algorithm for mining frequent itemsets without a minimum support,
but with the number of most k frequent itemsets ordered according to their support values.
However, the Top-k mining concept still requires a threshold k. Therefore, users must decide
the value of k before initiating mining. In this paper, we propose a new mining algorithm,
called “TF2P-growth,” which does not require any thresholds. This algorithm mines itemsets
with the descending order of their support values without any thresholds and returns frequent
itemsets to users sequentially with short response time.
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function insert_tree([p|P], R){
let N be a direct child node of R,
such that N’s item-name=p’s item-name.
if(R has a direct child node N){
increment N’s count by 1.
}
else{
create a new node M linked under the R.
set M’s item-name equal to p.

set M’s count equal to 1.

}

if(P # ¢){
let p’ be the first 1-itemset in P.
let P’ be the remaining 1-itemset list in P.
call insert_tree([p’| P'], R).

}

else {

exit.

}
}

0 1 00 insert_tree([p|P],R) 00000
Fig.1 Pseudo code of insert_tree([p|P], R).
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Table 1 Sample TDB.

TID Items Frequent Items
100 f, a, ¢, dy g, i, m, p fy e, a, my p
200 a, b, ¢, f, I, m, o f, ¢, a, by,m
300 b, f, g, 1, o f, b
400 b, c, d, k, p c, b, p
500 a, f, ¢, e, I, p, m, k fyc,a, m, p
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{(F2, ¢:2, a:2, m2)c:A, b:1)}
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Fig.3 p-conditional FP-tree structure.
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