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Report on the Sixth Learning Analytics & Knowledge Conference
(LAK16)

MASAKO FURUKAWA™  KAZUTSUNA YAMAJI™T  KOICHI YASUTAKE"
YASUYUKI NAKAMURA™ TSUNEO YAMADA™  SHOJI KAJITA™

Abstract: The Sixth International Learning Analytics and Knowledge Conference (LAK16) was held on April 25-29, 2016 at
University of Edinburgh, Edinburgh, UK. The LAK16 conference is organized by the Society for Learning Analytics Research
(SOLAR), and LAK16 conference received a record-breaking number of submissions. This paper reports on the latest information
about Learning Analytics (LA) at LAK16, from the view point of the efficiency, expectation and challenge to the learning analytics.
Three keynote lectures provided in the main conference are introduced followed by the general summary in five themes each of
which is strongly impressed by each author. The transition of theme and session in LAK16 from previous conference shows
worldwide tendency and progress in this space, compared with our far behind situation in Japan. The paper also discussed what we
have to do in the learning analytics in this country.

Keywords: Learning Analytics, Big Data, Open Source, Open Standard, Privacy Protection, Human Computer Interaction

1. LAKL6 QOIS 3) T“&b:af:. B 112 LAK (28T 2am30% (Full Paper) @
Hewe % /97 [2).
223558 (Learning Analytics : LA) ZYEFIC 31T 2 RER
ZEBES#EE OO L DT H D Learning Analytics and 140
Knowledge Conference (LAK) 1%, A4E TR 6 [FIH & 72 70

100

- 72. LAK X The Society for Learning Analytics Research
(SOLAR) O EfETHE#HETH D, 4lEd LAKLG 1, 2016
4 H25 BNH 29 BETOS AMAFY RDOZ TN 40

5 RIS T S R[] AR T, LAKLS ORESE|C . H. H. . H. . I
DOWTHET 2 LIS, EHLRSMEZBLETHLED - Y lLAK12  LAK13 AK14  LAK1S  LAK16
R THET S D .

LAK16 OSIHIAZEIE, MO LAKLS I2F1F 5 320 e - E E) o E3
Ak LIS 467 4 L7210, 7’2‘7311%‘0)&%’3% LAK15 0> 34 @n] o 0 0 : : >
PIEEY 2L a4 0 Lo T FEBITAT 98 1 (Full 1 LAK RO

Paper: 36, Short Paper: 26, Workshops: 16, Poster: 17, Demo:
PRI Z 7= Full/Short Paper &7f 62 {0 47 5 23 EIX

iEENALE S T4 HOE R

National Institute of Informatics The Open University of Japan
F2 JRERY: 5 HUHRRE

Hiroshima University Kyoto University
IEEA oS

Nagoya University

©2016 Information Processing Society of Japan - 53 -



TAUH (201), A ¥V A (104), A—A+Z V7T (10
), KA 34), A4 R 3H) Thor. HAILLAKLA
T 11, LAK15 T2 {4 (Full Paper: 1, Short Paper: 1) A3
RENTWER, SEIFESLENL 0 Tho 7.

LAK16 DR 2 HEIZF L7712 LTU—
Jva RNy ARy NEMTbIE., TV
77 LA 2 HAICIE, ACM EEOHEL v /' F—4 I
BHdpI7—=r Ao Rbara—F) AT A5
T ORFFEHE - EEE O DOERSFHE ACM Conference on
Learning at Scale (L@S) & D=l — 3 & L CHEMN
T4 LAK 2INE bR REE L 72 > Tz, LAKLG D%
FIAMIE, A BTy RERY, HH LEOR
FRERH M T bz, EMEEEE O T Lty v a Ui,
=35 2 SO EH) (John Mcintyre Conference Centre, St Leonard’
sHall) Ok 8 2% CTRIFFBAfE S iz, Z oM, A A
Y77 L A2 HRARREARAZ -y arAdHv, 3H
BT LAK E#EEIETH D SOLAR DFERBE BT
oo AAVAT 7V ADETORENLIE, A4 7 A
FU—3 27 Web T AEE N TN,

LAKIG DT VAT 7 LV ARRAAL T 7 L
APy a AHIELLTOEY Th 5.

FLAYIFLYR

1HHE (R&1HH) :

<Full-day>
Learning Design & Feedback
Critical Perspectives on Writing Analytics
Learning Analytics for Workplace and Professional Learning
Learning Analytics Across Physical and Digital Spaces
Jisc/Apareo Hackaton Day1

<Half-day: Morning>
The 5th International Workshop on Temporality in Learning Data
Extending the IMS Caliper Analytics Information Model with
Learning Activity Profiles

<Half-day: Afternoon>
Ethical and Privacy Issues in the Design of Learning Analytics
Applications
Learning Analytics for Curriculum and Program Quality

Improvement

2HH (K&2HH):
<Full-day>
LAL Workshop: Learning Analytics for Learners
Multimodal Learning Analytics Data Challenges
Data literacy for Learning Analytics
Workshop of Smart Environments and Analytics on Video-Based
Learning (SE@VBL)
Jisc/Apareo Hackaton Day?2

©2016 Information Processing Society of Japan

- 54 -

2016 8

LAK Doctoral Consortium
<Half-day: Morning>
Introduction to Data Mining for Educational Researchers
Educational Data Mining with Python and Apache Spark: A
Hands-on Tutorial
<Half-day: Afternoon>
LAK Failathon
Learning Through Goal Setting
Learning@Scale closing keynote (LAK £l 3% A)

AA AT FLIR

1HHE (R&3HH):
[JEFR541#] Learning as a machine. Cross-overs between humans
and machines
Keynote discussion & panel
Discourse analytics
Learner models
Analytic visualizations and dashboards
Collaborative learning
LA challenges, accessibility and ethics
Determination of off task — on task behaviors
Learning tools and interventions
Teaching and teacher analytics
Institutional perspectives and challenges
MOOC discussion analysis
Language, writing, and interaction
Firehose

Posters, technology showcase, and welcome reception

2HH (R&e4BH):
[R5 #] Learning Analytics: Utopia or Dystopia
Keynote discussion and panel
Institutional perspectives
Personalization
Theoretical and conceptual models
Methodological reflections
Proficiency and positioning
Learning design and analytics
Bayesian modeling

SoLAR annual general meeting

3HH (K&5HH):
[JL 7R3k 1] A Dispatch from the Psychometric Front
Keynote discussion and panel
XAPI
Supporting learning and achievement
Real time data

Supporting SRL and 21st century skills



Overcoming obstacles

Predictive modelling

Community Building Panel

Closing remarks
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2. EFFERICHD LADOEHMA

AL T 7 L AT, 3OETHRESH Y, LA
OFEESCHFFL & HIT, Z ORI OV Tagim S 7.
2.1 Learning as a machine. Cross-overs between humans
and machines

7V 2 v/ H B KT (Vrije Universiteit Brussels) o
Mireille Hildebrandt #5213, i, %, 77/ mo—L&th
DMFE(LSTS) DM N—TIT|/ L, EfRET 7/ ad—
DFECDEIZDWNTHIR AT T 5.
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2.2 Learning Analytics: Utopia or Dystopia

T v ZOi@IEHIKT: (Open University of the Netherlands)
@ Paul A. Kirschner %1%, WFHF#% (CSCL) O3 HIZE
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2.3 A Dispatch from the Psychometric Front

TAUIDRAY —F 2 KK (University of Maryland) @
Robert Mislevy £ 2 ##% 1%, 22 Ea—4 7 A MEOHE N
ERLEKE 2T E L CRAB FORBICEKL TE
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2% Chair Z%5% % ETS[3] THI%E L 7= SimCityEDU[4]iZ2\
THEMRH T,
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ST E DRART SNA BT 2k v a v iboTle. &2
ARAEID LAKLE Tik, FHZSNACET 22y 3 vB
EITONDRELWNS Z LT eroTc. LIZE X ZAUILA
IZBIF5H SNA OEEMENRKONALTWVWDZ EEEKL T
DTV, 25 TiERL, LAIZBITLSNAR 7
—DHFE)] LLTZ0aIa=T 4 lELELTWVSZ
LERIELTWS. 7= & ZIZ[6][7]72 £1% MOOCs DF 1 A
AyyarZ4+—7L0%y MU=z SNA Rt~
YT A I OIMIEN LT LT D THD. MOOCs
D& AR FEEMIERL SN FEEDaI =T
4 EMNBEELT, 2O I2=T 4 IZBTLFHBEORY
va OB ER Y T — 7 ST OSENH HT LTZ[8]1D
FORRERLDHL. ZOLSIZ, WHAOWNEAI =T 4
TIETTIZ SNA A (bBRETEHELEZNZE LITEDbR
V) EELTWD Z ERAEIO LAKLE 726 TS
ZENTED.

7272 LEDGHT AR, 2EICHE L TW5H Complex
Networks Science i . Z BRI IS A L b oz, £72
725 TU72Wh, NetSci (Network Science Society [9]) 72 & D
MM I 2 =7 4 CIEHEER Y NV — 7 OGIET
TRIFRLSZHRER Y NT—7 O b L Shuiis
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ThHhHULE, %IFTZ 5 LR EEAL SNA TS LA
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WIZ LAKL6 128\ T, LMS FOBET — #7121 Tid/e
SABEHT —ZIZER L7 7 e —F 03 2B S 80
ONTHRRL ., ZHICET DR v v a %, F1H O Keynote
%%} 7273% /L “Physiological Data and Learning Analytics:
Opportunities and Challenges for Research and Practice” T
ol By varoZ A4 ML LGN E 1T, LAKT
LELZEIWI AT —FE LS, & LS 0h
FTIVIRIEHORIEZ RS D Z LR TE D00, i
LEWIEMTHD. LLARNLFEENERITIMCET
DB, STAYFER, My EFHESTHLH S L
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T MEEZL52H S ZLIZRD7E2A5. LMS 21 Tidz
KBV TF =2 RECME ST T I e —F X EDE—4
Thbd. ZOZLEEBMIHRST Ry g Th
ST TEMENGB 7 7 ADT =2 2 [ HEY v /5 —4 |
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2 7 OFERICB L TiE, ERSRI IR ERE O R E D
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B <17 [Educational Data Mining with Python and Apache
Spark: A Hands-on Tutorial] O, 5%, AARICEWT
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Hill Education Digital Platform Group (ZFT/& 3 57 — & ¥4
TUT 4 A MPRFLE 75T, Python &% EEHIICEITT 5
7= ® T =)L TH D iPython Notebook % = —#H /L PC T
FIACTE MBI M4+ 2 Apache Anaconda & EE D
MOOCs 7 — # (HarvardX-MITx Person-Course Academic
Year 2013) % MW T, xE6H9IC Educational Mining % 317
T HRTEM SN, EERICETRER 2 — NE | & E
MR LN biED D Z L3 TE 5 Python Notebook %
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72 LA D7z D v AT LBHFES[14], KF~0D Learning
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— F AV IBIE S, HxDORFO LAITIEHR ST
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