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Autoassociative Memory Using Refractory Period of Neurons
and Its On-line Learning

Mik1i0 Opat and HIROMI MIYAJIMAtt

In the present paper, we, first, propose a novel autoassociative memory model of the neural
network consisting of neurons which enter refractory period according to an adaptive thresh-
old. The refractory threshold is adaptively and autonomously controlled by an additional
linear neuron based on the network activity. The optimal network activity, then, is obtained
by static recalls and the value is used to control the threshold. Secondly, using the network
activity, the network with on-line learning mechanism is also proposed and it is shown that
the network can detect novel patterns to be memorized and memorize them correctly.
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function (Hopfield type model).
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Fig.4 Relation between memory ratio and probability of
failed recalls.
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ory model).
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