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Effect of Stock Investor Agent According to Framing Effect to

Stock Exchange in Artificial Stock Market

ZHAI FEIL,* SHEN KAN,t YUSUKE NAMIKAWAt* and EISUKE KITAt

Several psychological biases should be taken into consideration in the actual stock exchange.
In this paper, we discuss the effect of the framing effect to it. The stock investor agent is
defined by using the RBF neural network. The prediction of the agent shows that the agent
behaviour follows the framing effect. The stock exchange by the agents is performed in the
artificial market. The characteristics of the stock price fluctuations in the actual and artificial
markets are compared in order to discuss the effect to the agents accodring to the framing
effect. Artificial markets are comstructed with the agents of which prediction rules are learned
by short and long moving average data. In the market of many agents learned with long-run
moving average data, the features of the stock price fluctuation are similar to them of the
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actual market.
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Fig.4 RBF neural network.
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Fig.6 Stock price with increasing trend.
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Table 1 Average value of accuray of predicted stock price.

Market Agent 1 Agent 2
1 0.069 -
2 0.217 0.078
3 0.190 0.141
4 0.190 0.077
5 - 0.065
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