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Investigation and Extension of Stochastic Schemata Exploiter

TAKASHI MARUYAMA' and EISUKE KiTAt

Stochastic Schemata Exploiter (SSE) is one of the evolutionary optimization algorithms
for solving the combinatorial optimization problems. Next, we present the Extended SSE
(ESSE) algorithms which are composed of the original SSE and new ESSE operations. The
SSE and the ESSE are compared with the Minimal Generation Gap (MGG) and the Bayesian
Optimization Algorithm (BOA) in 0/1 combinatorial optimization problem in order to discuss
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their convergence property.
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Table 1 Part solutions of deceptive problem.
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Table 2 Combination of process.
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Table 3 Average values of final solutions.
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Table 4 Standard deviation of final solutions.
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knapsack problem.
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Fig. 13 Average values of solutions of MGG on graph
partitioning problem.
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