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Design and Implementation of an Atomic and Molecular Physics

Paper Classification Supporting System Using Abstracts

HIROE KASHIWAGI,t® MASAMI TAKATA," AKIRA SASAKIt
and KAZUKI JOE?

The cross section data of ionization and excitation by collision among atoms, mulecules
and electrons is very useful in various research fields. We can obtain such data out of online
jounals of atomic and molecular physics research as digital papers. To obtain the data, we
need to classify online papers. However, the classification of the online papers is difficult
because there are just abstracts available for free on web pages in general. In this paper, we
design a paper classification supporting system to find papers including the data, using just
abstracts. We apply a machine learning technique, which is a conventional text classification
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method, to the system in order to prove that our system using just abstracts is efficient.
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« perturbed 3d<sup>10</sup>5p <sup>2</sup>P<sub>3/2</sub>
state of neutral. <<+ For <sup>63</sup>Cu we obtained
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Fig.2 Inserting tags to chemical symbols.
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Fig.3 Recall and precision rates.
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Fig.13 Output file from TermExtract.
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