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Language Acquisition Based on Sequence to Sequence Learning
Between Video Information and Speech Information.

Kenta Takabuchi’ Naoto Iwahashi” Takeo Kunishima®

Abstract: In this paper, we propose the method that enables robots to learn language based on sequence to sequence language
between video information and speech information. As sequence to sequence learning methods, we adopted the statistical
machine translation method (IBM Model 4) and neural network based machine translation method (encoder-decoder model). The
originalities of the proposed method are as follows: 1) Language acquisition problem is formulated by the machine learning
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problem. 2) Morphological analysis is not necessary in the processes of learning and conversion. We got promising results.
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