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Algorithm 1 IZARFED TN TV AL TH .

Algorithm 1 WoUE

1: Initialze N agents

2: for cycle =1 — end_cycle do
3: for all Agents do

4 select action, using e-greedy
5: end for

6: evaluate all agent reward

7: if interval MOD cycle = 0 then
8: broadcast ug to each agent
9: for all Agents do

10: if r(e;) < pe then

11: calculate Ae by (4)
12: €1 — €+ TAe

13: end if

14: end for

15: end if

16: end for
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