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IEEDOARZMATBE 38K —VIZOWTHRIFEE1TS.
Bl t o BWT, IBEFHFIZLVBONS i REDOFEIE
DFMEE 35 ML AU L IICEEL, Se(Ouctss Oimyg,)
E$BH. ZIZT, s BRKtIIBIA Y TF—=REL, 4
ZHOITEID GMM & DOLE CEOE) & S.a(M;,s) &
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3.7 RL—=VVY
REFHETIEY 0 v Ry T8 ICF8RABET O, 178
ha—YD Lz R DONN ORI — Iz k> TiFEIE
BBROBRWA TV 27 "B Z T A AWRFEET S
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4. FHMEER

4.1 F—9+tvh

AHFZETIL, Google Glass 225 Lz —HFRK 112
AT 13 FEEOTEI 21T\, Glass DA A T T— AT
Wtz B2 U7z, Glass DA A 713 1280 x 720 €27 )LD
JPEG Hiff% 30fps THei 9 5. X 512, Glass 21 3 il
MEEL VY BRERINTEY, YTV I — M
30Hz THhHd. F£7z, £ 1 OTEIHIZEEF DITEIERIRITSE
S [B), [T IBVWTHAINT VWSS D Z2HEARIZHN
T2, 2 DOWERED 3 DOBREET 13 BEOITENE T
by varvik5ETofTolz. £y v a DR
15 2 THD. T —XOHIF KT IE semi-naturalistic
collection protocol [1] £ MEIEN 2 k% 7.
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4.2.1 REFE
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(1) WN: WordNet % F\ 72 JUE A
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BHRULEFMRERE
IPSJ SIG Technical Report

ABCDEFGHIJKLM ABCDEFGHIJKLM

Vol.2016-UBI-50 No.12
2016/5/29

ABCDEFGHIJKLM ABCDEFGHIJKLM

A:watching television .

A:watching television

B:using computer
Cuusing cellphone

D:cooking D:cooking. |
E:eating I E:eating

F:making coffee F:making coffee ||

G:using microwave | G:using microwave ||

H:playing with pet || H:playing with pet ]
I:making tea I:making tea
J:watering plants I J:watering plants
K:using curtain K:using curtain
L:toilet I L:toilet
M:washing dishes . M:washing dishes

(1) WN (2) WM

ABCDEFG

B:using computer
Cuusing cellphone

HIJKLM

ABCDEFGHIJKLM

A:watching television A:watching television .
B:using computer B:using computer .
C:using cellphone C:using cellphone ||
D:cooking | D:cooking ||
E:eating E:eating .

F:making coffee

F:making coffee

Guusing microwave [ Guusing microwave
H:playing with pet || H:playing with pet | |

I:making tea I:making tea

J:watering plants J:watering plants

K:using curtain K:using curtain

Litoilet Litoilet

M:washing dishes M:washing dishes

(5) WN+ (6) WMI+

A:watching television
B:using computer
Cuusing cellphone

D:cooking

Eeating

F:making coffee
G:using microwave
Hzplaying with pet
1:making tea
J:watering plants
K:using curtain
Litoilet

M:washing dishes

ABCDEFGHIJKLM

Awatching television
B:using computer
Ciusing cellphone

D:cooking | D:cooking [
E:eating E:eating
F:making coffee | | F:making coffee
G:using microwave . G:using microwave ||
H:playing with pet | H:playing with pet |
I:making tea || I:making tea |
J:watering plants || J:watering plants
K:using curtain . K:using curtain
L:toilet | | L:toilet
M:washing dishes M:washing dishes [l
(7) Wi+ (8) WD+

(3)wJ

B 2 ZNnENOTEORMEROERFTH

X1 EBRTIT-7 13 75 ADITH

using cellphone
toilet
cooking

making coffee

making tea
watering plants
eating

washing dishes

using computer
watching television
using microwave

playing with pet

A:watching television
B:using computer
Cuusing cellphone

D:cooking

E:eating

F:making coffee
Guusing microwave
H:playing with pet
I:making tea
J:watering plants
K:using curtain
Litoilet

M:washing dishes

Awatching television
B:using computer
Ciusing cellphone

(4) WD

ABCDEFGHIJKLM

xR 3 kL w2 EFAE L B O R

using curtain

R 2 TNTNOTFIEORMHEE

precision [%] | recall (%] | F-measure [%)]
WN 33.9 45.2 35.9
WMI 26.4 17.8 9.1
WJ 32.9 30.7 22.3
WD 33.4 27.8 20.7
WN+ 63.8 64.3 59.2
WMI+ 61.6 44.7 38.1
WJ+ 64.4 60.3 56.3
WD+ 64.3 58.9 55.8

3) WIJ: Jaccard FR%E0% F\ 7= BUBUEE GHEAL

4) WD: Dice f¥ % i\ 7= BHBUEEHA

5) WN-+: f78h# O33R+ WordNet % I\ 72 B FH

6) WMI+: 1784 ORGSR 2 H W 72 3 UE
FHA

(7) WI+:
FHE

(8) WD+: 17E1#& DL+ Dice F50% W 72 BUE FH

(1), (2), (3), (4) FATE#DILERETT > TWARWEEDOF

HETH 5.

FHEERE: ¥ ¢ v R UNOBEIZ LT, 3E|THM L

FHEEZAWVCTITEIZHEL, FEITINY VI iz EfE

LTS, 2UTC, ELL@#ic iz 1 v NUofkz

iz, RMEEEHFEICE 0T 5.

o~ o~ o~ —~

TEI4 DHLIE+Jaccard fRE & W 7 L E

4.3 #BR

REFES SOCMBRET — X 228 T 5MFEICON
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precision [%] | recall [%] | F-measure [%)]
WN+ 72.3 69.7 69.0
WMI+ 73.5 49.6 54.9
WJ+ 67.0 62.8 59.4
WD+ 67.7 61.6 59.2

<, %@wu\ugk*i,#%ﬂ—‘j_
4.3.1 REFEODRHRBE

2% 2 ﬂ:%ﬁ’b%“j’b@i‘(ﬁ@wuf’ﬂi}#%ﬂ“'ﬁ_ ifl, 2 L:
ZNTNOFEDRERITIZRT. 720, o3

Bovx v F—22HAHALTWARWERTHS. £,
7 TV PR Z TD R WREETIR 2RI E PR < 742
Mozl e Wbhd. Web MERZHWZFEIZBWTIE
o722 7 AN TH Y, WordNet & W7z FiLIC
BPOTHERRITINEE MR -2 7 AR BEIhTWD
UL» L, WordNet, Web #zR% Fl\W7zMFEIZDWT, Tfﬁ
EBLAZATY 2 M)A NZHWTCEBEZGETSZL
THE O EWHER I N7z, Cooking, Eating 72 & DT H)
& & Tpotl, Iplate] 7 DA TV =7 b4 & D WordNet
B BHEHIKRE LS D, [TEIREA TV = N T
%Té’a@ﬁivzﬁh%ﬁiwﬁﬁﬁﬁﬁ@%tt

b, FLUEFHHEDOREEN B -7z,

5T, BTOTIHITBEWT, FEHICEH WG A
TV "D TWB RS, FIXIEA TV s b
NLA-—VOFTERINLZY, 2—FREEHRZLEZ0T
5222k, ATV PERBPEL {ATA R o728
BEHoTz. T 61T, HlZIE Making coffee & Making tea

TIERAUAZ7Y 7 b (cup) 2FHTE LD, HHOD
TEICRAUA TV =7 "OMEHINZGE DB, &4 7
VI MBI ODFTHOALIIELTWS LIRSS, A
HEEOM EARETH oL Bb 5.
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x4 HEO(%E AL IEEORHNE

precision [%] | recall [%] | F-measure [%)]
WN—+ 72.6 71.0 69.8
WMI+ 74.9 49.5 54.8
WJ+ 67.3 62.9 59.7
WD+ 68.1 62.0 59.7

K5 NIEEDHE B L 72356 Ok

precision [%] | recall [%] | F-measure [%)]
WN+ 75.9 76.8 73.8
WMI+ 73.5 74.4 71.2
WJ+ 68.4 64.8 61.3
WD+ 69.4 64.8 62.3

ABCDEFGHIJKLM

A:watching television
B:using computer
C:using cellphone
D:cooking B
E:eating
F:making coffee .
G:using microwave .
H:playing with pet
I:making tea
J:watering plants .
K:using curtain
L:toilet
M:washing dishes
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