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4.1 Logistic Regression

(regularized) logistic regression [1]
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4.2 : Table Topic Model

Table Topic Model LDA

Latent Dirichlet Allocation (LDA) [2]

( 1 ) θd Dirichlet
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( 2 )

( a ) z z ∼
Multi(θd)

( b ) w z

p(w|z)
d

id z θ

z Gibbs Sampling

Gibbs Sampling

P (wi|zi = j, z−i,w−i) =
nwi
−i,j + β

n·
−i,j +Wβ

P (zi = j|z−i) =
ndi
−i,j + α

n
(di)
−i,· +Kα

z−i i

n·
−i,j

j

LDA

•

•

•
•

Table Topic Model

Table Topic Model

1

9

row-wise

Wikipedia

C =< c1, c2, · · · , c|C| >

( 1 ) z z ∼ Multi(θd)

( 2 )

( a ) ci z

p(ci|z)
(Mixture

of Unigrams, Multinomial Mixtures)

Gibbs

Sampling

4.3

Polya Tree[10]
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( 2 ) e2, e3 d e2 e3

e3 = log10(d))
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4.4

Dirichlet

( 1 ) ei H(e1 . . . ei−1) : ei ∼
H(e1 . . . ei−1).

( 2 ) Hi Dirichlet : Hi ∼
Dir(H).
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1

column column and row

TOPIC

nonum 67.41 69.63 65.93

i.i.d. 69.63 70.74 68.52

polya 71.85 72.96 72.22

quantize 70.37 71.11 72.22

raw 65.56 69.63 66.67

double 65.56 69.63 67.04

TOPIC table only

nonum 70.22 73.11 73.04

i.i.d. 71.70 70.37 69.56

polya 72.44 72.74 72.96

quantize 72.07 74.44 73.41

raw 71.33 73.63 72.74

double 71.33 73.63 72.81

TOPIC table and sentence
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i.i.d. 71.93 70.00 69.33
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