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A Proposal of Recommendation Model to Enhance the
Unexpectedness Using a Structure of an Item Network

MIMU KAWAI' SHINYA NOGAMI? TADAAKI HOSAKA? SHIN ANDO?

Abstract: In this paper, we made an item network on the basis of the history of purchasing and we tried to realize
serendipity-oriented recommendation system by using the model that preferentially recommends items which are
marginal nodes. Analysis of a hub on networks had a long history and the main purpose is to understand a process of the
frame of networks, the idea of using a structure of networks for engineering was unique. In problems of recommendation
systems against our paper, there were partial problems. One is to avoid recommending popular items and the other is to
search items which have indirect relationship among purchasing items. Using an item network for a flame of expression
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was effective against these problems.
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