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Analysis of Keystroke Dynamics in Japanese Text Typing Using Neural Network
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1: Typing Screen.
# 1: Group Classifications.

[ Group [ Group 500 [ Group 700 | Group 900 |
character # 2 500 = 700 2 900
subject # 65 36 23
sample doc # 325 180 115
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# 2: Feature Indexes.

notation

[ explanation ]

Average and standard deviation of
key press durations for six most
frequent 1-gram letters of

(a, 1, u, e, 0, n)

Average and standard deviation of
key press durations of the second
character for eleven most frequent
2-gram letters of (no, ni, ru)
Average and standard deviation of
the transition times between

the eleven most common letter
pairs of the 2-gram letters

lgram-pr

2gram-pr

2gram-pp

(no, ni, ru)

chara#

number of input characters
(per one minut)

miss#

Number of Miss input
(per one minut)

2pp#

Number of consecutive
key press(per 1 minute)

romayji

Difference of Romaji Input

D (tu, tsu)J, L (si, shi)]
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2: Nearest Neighbor Rule.
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#k 3: Parameters of Neural Network Learning.

| parameter [ value ]
leaning rate 0.65
momentum 0.65
learning iteration | 500
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& 4: Recognition Accuracy of each group. The value in
parenthesis represents the number of the recognized

samples.
method | Group 500 | Group 700 | Group 1000
325 samples | 180 samples | 115 samples
NN 83.4 % 97.8 % 97.4 %
(271) (176) (112)
WED 79.9 % 95.6 % 96.5 %
(258) (172) (111)
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