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Efficiency of Timbre Adjustment by Machine Learning Using Metadata

Abstract: In this paper, we papose a method of creating DTM music more easily. It is difficult for DTM
composer to search the desired timbre information using atmosphere data, because users’ imagines are not
equal to each other. Our approach is to apply machine learning based on acoustic features that will be
obtained from metadata and create Searching Filter. We develop a Timbre Adjustment Support System
(TASS) based on our approach and release it. Then we collect TASS each user’s access log. We evaluate the

proposed method by TASS.
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Fig. 1 Image of Timbre adjustment information list on TASS
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Fig. 4 Acoustic features of the acquisition timing
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Fig. 6 Radar chart of preliminary experimental results
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