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Original images

Hue Value

Fig.1 Original images are divided into hue, saturation, and
value zone using COLORSIFT.

Saturation

Linear
-SVM

Fig.2 The proposed ensemble learning is constructed to
combine support vector machines using multiple kernel and
the other machines learning.
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Table.1 Classification of 50 food categories
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Mabo-tof @Miso soup @Sunny-side up
;/:l?re;able @Sauteed vegetables | @Hiyashi chuka
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Fig.3 Result of classified 50 food categories by proposed method
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(a-2) Oden (b-2) Spaghetti (c-2) Hamburger

Fig.4 Food images are succeeded in recognition using
proposed method A

(d-1) Sukivaki  (e-1) Chawan-mushi (f-1) Kimpira gobo

(1-2) Yakisoba

(d-2) Bibimbap

Fig.5 Food images are missed in recognition using proposed
method A
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