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Fig. 1 The architecture of Chebychev networks.
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(a) 3-D object.

X

(b) ¥HB¥BYLTY b
(b) 2-D silhouette.
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Fig. 2 The target object.
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Fig. 3 The positive and negative training exam-
ples for a 2.-D silhouette in Fig. 2(b).
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(a) FHick-tEBohkyrxzy b
(a) The learning result of Chebychev networks.

(b) FHick-TEohitk
(b) The 3-D object representation of the
learning result.
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Fig. 4 The learning results.
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Table 2 Classification results for test silhouettes.

- &% K "HOE
Sk | Bk
Ra ‘ R M
A 0.97 1.00 | (0.97)
A, B 0.30 0.96 0.29
C 0.42 0.98 0.41
A 0.56 0.83 0.47
B, B 0.93 0.97 | (0.90)
c 0.64 0.90 0.58
A 0.87 0.87 0.76
C. B 0.71 0.92 0.65
c 0.98 0.98 | (0.96)
A 0.99 0.98 | (0.97)
As B 0.64 0.96 0.61
c 0.69 0.95 0.65
A 0.86 0.81 0.70
B B 0.96 0.96 | (0.92)
c 0.83 0.88 0.73
A 0.90 0.81 0.73
Cs B 0.84 0.91 0.76
C 0.98 ‘ 0.97 (0.95)
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