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An Efficient User Interface to Simplify Training Process of Deep
Learning for Image Recognition

Taishi IKEMATSU™ Toshihiro NAKAE™ Fujie NAGAMORI™ Mariko INOMAE™
Naoya MIYASHITA™ Hideaki KIMATA™

Abstract: Image recognition by machine learning requires a large amount of image data with ground truth labels.
Crowdsourcing is one method to gather image data from the Internet to create dataset of annotated images, however, it is not
always suitable when target images are specialized for users. In this paper we propose an image recognition system with Deep
Learning engine developed based on the assumption that most users are likely to put labels on just enough images to train
according to their own criteria of prediction, especially for specialized tasks. The proposed system has an efficient user interface
to provide uses with one-stop simplified operation from gathering images to generating a trained model, in order to moderate
complicated operations and reduce total time for the operations. The proposed interface connects to our developed Deep Learning
Training APl (Application Programming Interface) that enables users to train image features based on a widely used Deep
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Learning framework “Caffe” and a publicly available image search API.
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