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Abstract Along with the widespread of GPS-enabled devices, location data are extensively
available and a variety of machine learning methods have been developed to cope with them. Re-
cently, unauthorized access with spoofing becomes a serious problem, which makes it necessary
to establish a secure personal authentication method. In this paper, we propose an individual
identification method using Support Vector Machine with features extracted from location in-
formation. We employ a real-world dataset to empirically validate our method and discuss on
the effectiveness of secure personal authentication that exploits location information.
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