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Improving the Performance of Hadoop MapReduce Jobs
with the Dynamic Control of File Storage Location

EITAFUJISHIMAT SANEYASU YAMAGUCHI*

Hadoop MapReduce has been attracting attention as a method of processing an enormous amount of data. In cases of jobs
wherein all the output files of all the relevant Map tasks are transmitted and consolidated into a single Reduce task, such as in
TeraSort, the single Reduce task is the bottleneck task and is 1/0 bounded for processing many large output files. In this paper,
we indicate that the bottleneck of MapReduce job to be single Reduce processing is in the I/O processing of Reduce processing
node and that the I/O processing is mainly sequential access. Then, we propose to improve the existing method for increasing a
sequential access performance by dynamic controlling of file location of filesystem. We present performance evaluation of the
normal method, the existing static method, and the proposed dynamic controlling method, and then demonstrate that our method

improves the performance.
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