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Fig. 1 Construction of dataset using crowd sourcing. Obtained labels

will be reliable while incomplete, due to the process assigning

only the common labels from different answers.
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Fig.2 (a): Ramp loss (red dashed line) and sigmoid loss (blue solid line)
meet the described condition, (b): Exponential loss (red dashed
line) and hinge loss (blue solid line) don’t meet the described con-
dition.
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Table 1 Methods used in experiments. Each method corresponds to

whether cond.1 (use of appropriately weighted loss function)

and cond.2 (use of symmetric loss function) are met or not.
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Fig.3 Experimental results on synthetic dataset. Each figure from left corresponds to different mean

number of label (3, 7, 15, 35). The Method which meets both conditions has robustness to

label deficit.

(4) K7 Aoy 7)) ik 2 R 7Y oA
N A I
(5) kB HEGAD Y > T v T aiTvw; £ 55,
(6) ¥ 7V v 7 Licw, DRI Y, w; 2R LT 5.
GHEDZAADINT A —=F W E—I RT3 v 7)) v 7 Ik
EIND, ¥ 7 IVIEAFT 10000 > VAL, FE
12 8000 ¥ > 7 )L, Bl 2000 ¥ SV E AW, v
LRI DOFEEEE 50 £ Lz, ¥ v I ricfEIns
7 VDR (3,7,15,35) EALEETT = kY
FERAERL, 2RI LCEY, FHiiZ T 7%,
FEEREREIR3I DX S 2o, KDELSY Y 7L
5I3N 27 VEDOFHEMEE (3,7,15,35) & L 7RO
RThs., K3»o2TOERMICEVTAIZETENL %
G2 W73 72 I REEUE /MU T % 575 (Method3) 2%
ROHEBRICEEHTE TR N0 5, £, ¥ 7L
WG INE T VEBBL L BtuEnsi2E, 7V %EK
X RHTIRE T 2 5608 %2 W 72§ F9E (Method3) &
FLEE DREEDENRKEL 2D I EBTD 5,

53 E&®F/T—YavrF—Itvhk

MSCOCO : MSCOCO %, WHRIZFEET 2D 7 )L
WKWMZX 7 Ay 7= a vy INUHREROERS X v 7
YavERELT =YLy FTHB, AREBRICE VLTI
BREMNBET 2K T NV DIERDAZ T, 72 1D
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Fig. 4 Experimental result on MSCOCO dataset,
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