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A Self-Organising Network for Anomaly Detection
and its Application to Video Surveillance

MASANORI SUGANUMAL2:2)  ToMOHARU NAacao!

Abstract: In this paper, we propose a self-organising network for anomaly detection in surveillance videos.
The network is used to model normal patterns in video scenes and detects deviations from them as abnormal
patterns. The network can add nodes into its map and delete nodes from its map for representaion of normal
patterns more accurately. To demonstrate the effectiveness of our method, we have applied our method to
intrusion detection tasks in surveillance videos obtainded by a fixed camera and a pseudo rotating camera.
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Fig. 1 The structure of the proposed method.
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Fig. 2 Flowchart of the proposed method.
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Table 1 Parameter settings for the proposed method.
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Fig. 3 Detection results of each method in the fixed camera.
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Fig. 4 Detection results of each method in the rotating camera.
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Table 2 Recall, Precision and F-measure on the fixed camera.
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