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Japanese Word Formation Model and Its Evaluation

Hiperosur Nacai® and Toru Hitakaff

We propose Japanese Word Formation Model. This model is a stochastic model of Jap-
anese word formation, based on tendencies in semantic and phonologic combinations of

Chinese characters.

To construct the model, we don’t need statistical data, but use entries
of Japanese word dictionary. We obtain the tendencies from the entries.
tistical data, we can use the data to reflect on the model.

If we have sta-
Japanese Word Formation Mod-

el does not only estimate the probabilities of word occurrence which are useful in disambig-
uation, but difficult for statistical acquisition.
We can be regard these urknown words as being word-like both semantically and phono-
logically. Therefore we can use the probabilities estimated by the model to estimate how

word-like the string is.

The model can generate unknown words.

It is very difficult to judge whether the probability of each word

estimated by Japanese Word Formation Model has adequate accuracy. So we propose and
evaluate some properties which the model should have, and obtain satisfactory results.
Furthermore we evaluate whether the model is able to reflect importance rank of each reg-
istered word, which is wrote on a word dictionary, as rough statistical data. This experi-
mentation also gives us satisfactory results.
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Fig. 2 Word not modeled by Markov model.
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Table 4 Word-forming ability of word model.
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B P BE * @ @ =

1 9,157 2,139 9,157 0 9, 167

2 44,476 6,436 44,476 0 44,476

3 23,789 1,514,117 23,789 202, 235 23,789
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