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Evaluation of Coordinated Motions of Multi-Agent Systems
on Competition for Food between Ant Colonies

Masao Kusot and Yukinor: Kaxrazult

In this study, a simple and powerful methodology for realizing a distributed and
autonomous system is proposed. Usually, Multi Agent Systems have difficulty in generat-
ing actions that will be suitable taken in their totality, and which we should refer to
here as Coordinated motions. The proposed methodology improves a colony’s total
activity through an individual learning process for each agent by Stochastic Learning
Automaton (SLA). We propose a Game, similar to football, called The Competition for
Food between Ant Colonies. By applying such system to an dynamic changeable environ-
ment, we will demonstrate its adaptability. This ability should be evaluated solely
through its solution-reaching capability against a highly changeable environment. This
game environment serves sufficiently as a complex and changeable environment. By the
winning rate of the Competition, the suitability of the coordinated motions is demon-
strated.
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Fig. 1 Competition for foods between ant colonies.
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