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Hoeffding Tree Based Dynamic Integration of Classifiers for Ensemble Learning
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% 1: The Learning Algorithm of Proposal Method.

Input: S : Data Stream.

K : Chunk Size.
Output: C : Recent N Classifiers.

M : Meta-Learner for each classifier.
Procedure

C=0d, M=®, A=, i=1
For each arrival of new example € from §
A=A+¢
if |Al> K
C; = LearnClassifier(A)
C=CH+C;
if|C|>N,C=C-Ci_n-1
M, = CreateNewMetaLearner()
M=M+M,
if M| > N,M=M-M,;_n_1
A=, i++
For each Meta-Learner M; € M
UpdateMetaLearner(M;,C;, €)
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