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Algorithm LEARNER](m,n: BRE)
Given Q : WAL KMES
begin
H :=Cpm n;
while |H| > 2 do
H i3 L T1/g(m,n)-good THERMo € Q
¥ K25,
a¥olHTAELTA;
H:= Cons(H,o,a)
endwhile;
if |[H| =1 then Hd0O®—D{EH L XEDH
else “Crp o FICHFEBSIIFEL 2V LA

end.
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Algorithm LEARNER2 (n : BRE)
Given Q : FIATRLZRELE
begin
m=1;
repeat
Q %15 T LEARNERL(m, n) 2 Hl+ 5,
if LEARNER] 2%R# h %17 then
Q2CFTORINTIRERMESLET A,
AN QHOTRTORBIIHTHLE LIS
#FETHS then
hidhL, ik
m=m=2
forever
end.

B 2 7T X4 LEARNER2 (m i3k 4H)

5. BbHiZ

ERXTIE, cCINEeRIBEIIADLERR
EL, SHAKMTET RGBS 5 20K T
L O EESTHL—BEOBESIIHLTE
BURLEE Y FAOBEE ST iTR S L4 nE
ETha.

SETK

1) D. Angluin. Queries and concept learning. Ma-
chine Learning, 2:319-342, 1988.

2) D. Angluin. Negative results for equivarence queries.
Machine Learning, 5:121-150, 1990.

3) R. Gavalda. On the power of equivarence queries.
In Proceedings of the 1st European Conference
on Computational Learning Theory, pp. 193-203,
1993.

4) S. Goldman and M. Kearns. On the complex-
ity of teaching. Journal of Computer and System
Sciences, 50:20-31, 1995.

5) Y. Hayashi, S. Matsumoto, A. Shinohara, and
" M. Takeda. Uniform characterizations of polynomial-
query learnabilities. In Proceedings of the First
International Conference on Discovery Science,
1998. to appear.

6) T.Hegediis. Generalized teaching dimensions and
the query complexity of learning. In Proceedings
of the 8th Annual Conference on Computational
Learning Theory, pp. 108-117, 1995.

7) L. Hellerstein, K. Pillaipakkamnatt, V. Ragha-
van, and D. Wilkins. How many queries are needed
to learn?  Journal of the ACM, 43(5):840-862,
1996.



