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REWRHRET 07 5 AORE (32 1888) IS4 L, Progol,
C4.5 TEZ LR EFR2RT. 43, chess OREIIY
T5C45 DERITS DO OWTOREREOSEITH 5.

#® 1 |EY||E7|E - BEHH. |B| i Progol 0¥ &M
DR |Class| 30T 57 7 208 |Att]| dBREORK.

7 =% [ETTI1E-T] 1Bl | [Class| | [At]
animals 16 42 105 4 7
chess 27 12 34 2 5
krki 342 658 51 2 12
train 5 5 257 2 31

F& 2: i£) C4.5 DETHERIL c4.5 + c4.5rules

Progol C4.5
T—% | EITBE | IEMEE | EiT0em | EeEs
animals 0.25s 100.0% 0.06s 99.5%
chess 3.65s 61.5% 0.18s 51.0%
krki 18.85s 99.4% 0.73s 99.6%
train 0.371s 100.0% 0.05s 50.0%
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FEINLHBRO—H % LDITITRT.
room(A,bath) :- adjacent(A,washroom),
has_wall(A,east), space(A,S), S < 200.
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50 B: 2669.39s | 68.3% 6.42s 67.3%
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