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*The clasification system of fundus images using inductive
learning

tFumio Mizoguchi,Hayato Ohwada,Daisuke Kowatari,Faculty
of Sci.and Tech.,Science University of Tokyo

tSiroteru Sirato,Department of Ophthalmology,Faculty of
Medicine,University of Tokyo,Tokyo
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r/d R G R/B G/B class
0.77,-1.55,-0.63, ,4.22,2.05,abnormal
0.95,-1.51,-0.98, ,4.19,2.11,abnormal
1.13,-1.45,-0.81, ,4.16,2.03,vessel
2.29,-2.67,-1.18, ,2.90,2.09,normal
2.26,0.40,-0.91, ,2.68,2.16,normal
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Decision Tree:

r/d ratio <= 1.11257 :

| r/d ratio <= 0.623674 :
|  r/d ratio > 0.623674 :

r/d ratio > 1.11257 :

| HUE <= -1.06547 :

| GREEN <= 0.412025 :
| GREEN > 0.412025 :

HUE > -1.06547 :

| HUE > -0.469776 : normal (848.0/69.0)
HUE <= -0.469776 :

| BLUE > 0.822097 :

| BLUE <= 0.822097 :

| | G/B <= 1.68349 : normal (26.0/9.0)
I | G/B > 1.68349 : vessel (40.0/11.0)

normal (23.0/4.0)
abnormal (61.0/6.0)

normal (28.0/11.0)
vessel (61.0/12.0)

normal (65.0/11.0)

r/d ratio > 0.623674
r/d ratio <= 1.11257
->class abnormal[86.3%]

Rule 3:

r/d ratio > 1.11257
GREEN > 0.412025
HUE <= -1,06547

->class vessel[75.7%]
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is_abnormal(A,B,C,D,E,F,G,H,T,J) :- A<=1.11,A>0.94
is_abnormal(a,B,C,D,E,F,G,H,I,J) :- A<=0.93,I>3.85
is_abnormal(A,B,C,D,E,F,G,H,I,J) :~ A<=0.93,J>2.21
is_abnormal(A,B,C,D,E,F,G,H,I,J) :~- A<=1.56,
D<=-0.075,D>-0.40,H>1.56,1>3.45,A>1.13.
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