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Translating Compound Words in
the Cross-Language Information Retrieval of Technical Documents

At1susHI Fuiirt and TETSUYA ISHIKAWAT

Cross-language information retrieval (CLIR), where queries and retrieved documents are in
different languages, has of late become one of the major topics within the information retrieval
and natural language processing communities. This paper proposes a Japanese/English CLIR
system focusing mainly on the translation of technical terms. Since technical terms, most of
which are compound words, can be progressively generated simply by combining existing
base words, it is not entirely satisfactory or feasible to exhaustively enumerate newly emerg-
ing terms in translation dictionaries. To counter this problem, we use a bilingual dictionary
of base words and collocational statistics to resolve translation ambiguity. Experiments using
the NACSIS test collection showed that our system is quite comparable with a monolingual

IR system in performance.
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Fig.1 The overall design of our CLIR system.
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Table 1 A fragment of the EDR technical terminology
dictionary.
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Table 2 A fragment of an English-Japanese base word
dictionary.
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Table 3 A fragment of the NACSIS collection query.
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Table 4 Comparison of 11-pt non-interpolated average
precisions.
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Fig.2 Comparison of recall-precision curves.
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