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defClsAsSubCls(*Truck’ 'EventMonitor’).

defIMtd(*Truck’ ’tasks’).

addMsg(’schedule:at:’ defineArrivalSchedule’
"FerrySimulation’).

include(’schedule:at:” *Truck’).
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functionalRelation(x y) «
hasIMtd(x ’tasks’) & appCls(x) &
subCls(x *SimulationObject’) &
subCls(y *Simulation’) & appCls(y) &
hasIMtd(y ’defineArrivalSchedule’) &
sendMsg(’new’ y x).
subCls(’FerrySimulation’ *Simmulation’).
subCls(’EventMonitor’ *SimulationObject’).
appCls(*FerrySimulation’).
hasIMtd(’FerrySimulation’ 'defineArrivalSchedule’).
hasIMtd(a al) «— defIMtd(a al).
subCls(c t) « defClsAsSubCls(c t).
subCls(b b2) « subCls(b bl) & subCls(bl b2}.
sendMsg(’new’ d e) «— aKindOf(f ’scheduling’} &
include(f e) & addMsg(f 'defineArrivalSchedule’ d).
aKindOf(’schedule:at:’ ’scheduling).
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defIMtd(x *tasks’) & defClsAsSubCls(x bl) &

subCls(b1 *SimulationObject’) &

subCls(y 'Simulation’) & appCls(y) &

hasIMtd(y ’defineArrivalSchedule’) &

aKindOf(f ’scheduling’) & include(f x) &

addMsg(f *defineArrivalSchedule’ y).
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NodeName: SimulationObject
Ir: (and (defClsAsSubCls) (defIMtd ’tasks’))

NodeName: Simulation

Ir: (addMsg(’scheduling’ 'defineArrivalSchedule’)
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