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Text Segmentation Using Word Conceptual Vectors

KATSUJI BESSHOt

We describe a novel method of segmenting a text into thematic units. The method uses
word conceptual vectors, which are based on the co-occurrence of words in a text corpus of
the same field of the target text. We explain two segmentation methods; one is based on
piecewise linear regression, a kind of time series analysis, and the other on cohension scores of
word lines. An experiment to decide semantic paragraphs’ boundaries in the text was done by
using these two methods. The F-measure obtained by the piecewise linear regression method
was 71.5%, and the F-measure obtained by the method using cohension scores of word lines
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was 77.9%.
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Table 1 An example of a co-occurrence matrix.
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Fig.1 Concept of piecewise linear regression.
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Fig.2 Transition of cluster lists.
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Fig.3 Relationship between the number of outputted boundaries and accuracy.
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Table 4 Accuracy of the method based on piecewise linear regression.
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Table 5 Accuracy of the method based on cohension scores of word lines.
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Table 6 Accuracy of Hearst method.
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Fig.7 Comparison between the proposed method and Hearst method.
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