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Modification of Document Classification Rules
Based on Misclassification

KouicHlr KATSURADA,! MAKOTO KovAMA,t.® KOUzZOU OHARA, 't
NOBORU BABAGUCHIt and TADAHIRO KITAHASHIt

This paper provides a method to modify some document classification rules for the purpose
of user adaptation. A document classification system sometimes classifies a document into a
wrong category. When it occurs, in our method, the user can point out the mis-classification.
Given this as a trigger, our method firstly detects the rule which causes this mis-classificaton.
Then it converts the detected rule into a default rule which is not applied to the mis-classified
document (we call this document an exceptional document). Moreover it creates a new rule to
avoid subsequent mis-classifications caused by the same sort of exceptional documents. The
experimental results for RWC Text Database show that our method can improve accuracy of
the classification.
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Fig.1 Document classification system.
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