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Efficient Decoding Method for
OOV Words Recognition with Subword Models

HiroAKI KOKUBO,T SHIGEHIKO ONISHI,F HIROFUMI YAMAMOTOt
and GENICHIRO KIKUTt

Class dependent subword models were found to be effective for recognizing OOV (out-of-
vocabulary) words. This paper proposes a novel decoder that efficiently handles the models.
Compared with previous decoder, the proposed method achieves language model size of 1/40,
and 46% reduction in CPU time without any deterioration of performance. Then, using the
structure of subword networks, we examine feature parameters of subword models, which are
applied to Japanese family/personal name. The result of speech recognition for OOV words
indicates that by using of additional characteristics (e.g., duration or occurrence probability
in word-end), the number of correctly recognized OOV words was improved by about 15%.
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Fig.2 Lexical tree for N-gram implementation.
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